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CHAPTER 1

—BRHER S

1.1 Erlangshen-DeBERTa-v2-97M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.1.1 &4} Brief Introduction

FHTALPENLU ALSS, R AR, HSCEy 0.97 £2%( DeBERTa-v2-Base.

Good at solving NLU tasks, adopting Whole Word Masking, Chinese DeBERTa-v2-Base with 97M parameters.

1.1.2 &4 3 Model Taxonomy

1.1.3 #ZJ{EE Model Information

2225 1 DeBERTa: Decoding-enhanced BERT with Disentangled Attention

N T HFB| b SO DeBERTa-v2-Base (97M), FATITEETEFRHE (180G fiiA) #EATHIIZE. FA1HE MLM
W T ARl (wwm) 190730, BRHE, FROTEFTIZRR B 1) T B R 28 ARAE 2 T 24 3Kk A100 247
Ko

To get a Chinese DeBERTa-v2-Base (97M), we use WuDao Corpora (180 GB version) for pre-training. We employ the
Whole Word Masking (wwm) in MLM. Specifically, we use the fengshen framework in the pre-training phase which cost



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://readpaper.com/paper/3033187248
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen

Fengshenbang-LM, A {ThR4 1.0

about 7 days with 24 A100 GPUs.

Ti5ES Performance

AR T T THAESS R (dev ££):

We present the results (dev set) on the following tasks:

1.1.4 {EH Usage

EEIT & Download Address

Huggingface Hiifil-: Erlangshen-DeBERTa-v2-97M-Chinese

IngEiE% Loading Models

from transformers import AutoModelForMaskedLM, AutoTokenizer, FillMaskPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-DeBERTa-v2-97M-Chinese',
— use_fast=False)

model=AutoModelForMaskedLM. from_pretrained('IDEA-CCNL/Erlangshen-DeBERTa-v2-97M-
—~Chinese')

text = 'A4 J& 8 F i & [MASK] ,

fillmask_pipe = FillMaskPipeline (model, tokenizer, device=7)

print (fillmask_pipe (text, top_k=10))

1.1.5 5| Citation

W EAE R TAE R G T RATHRIRY, T AS | HFATHYIE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},

E T

2 Chapter 1. —BB#ZR7



https://huggingface.co/IDEA-CCNL/Erlangshen-DeBERTa-v2-97M-Chinese
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR= 1.0

(% L0

volume {abs/2209.02970},
year = {2022}

AT AT | FATTR 190

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.2 Erlangshen-DeBERTa-v2-97M-CWS-Chinese

¢ Github: Fengshenbang-LM

¢ Docs: Fengshenbang-Docs

1.2.1 &4} Brief Introduction

HTAEE NLUAESS , SR SR, HICIE 0.97 /3% DeBERTa-v2-Base.

Good at solving NLU tasks, adopting Chinese Word Segmentation (CWS), Chinese DeBERTa-v2-Base with 97M pa-

rameters.

1.2.2 #E#&I4 3 Model Taxonomy

1.2.3 #EZY{EE Model Information

225 1 DeBERTa: Decoding-enhanced BERT with Disentangled Attention

N T AFE]—A SO DeBERTa-v2-Base (97M), FATTHHRIETRRIE (180G HUA) HEATHNIZE. FAVEM T
O BARH, FATEFINZRG B T B e SORARTE SR T 24 5K A100 25 7 K.
To get a Chinese DeBERTa-v2-Base (97M), we use WuDao Corpora (180 GB version) for pre-training. We employ

Chinese Word Segmentation (CWS). Specifically, we use the fengshen framework in the pre-training phase which cost
about 7 days with 24 A100 GPUs.

1.2. Erlangshen-DeBERTa-v2-97M-CWS-Chinese 3



https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://readpaper.com/paper/3033187248
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen

Fengshenbang-LM, A {ThR4 1.0

1.2.4 {EH Usage

EEIT ik Download Address

Huggingface #ili: Erlangshen-DeBERTa-v2-97M-CWS-Chinese

Ing;{EE Loading Models

from transformers import AutoModelForMaskedLM, AutoTokenizer, FillMaskPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-DeBERTa-v2-97M-CWS—
—Chinese', use_fast=False)
model=AutoModelForMaskedLM. from_pretrained (' IDEA-CCNL/Erlangshen-DeBERTa-v2-97M-CWS—
—~Chinese')

text = 'A ¥ B H ¥ £ [MASK] . !

fillmask_pipe = FillMaskPipeline (model, tokenizer, device=7)

print (fillmask_pipe (text, top_k=10))

1.2.5 5| Citation

R EAE R TAE P TIRATROBAL, WTRAT I HFATRE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT PAG AT 14

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1LM},

[y
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https://huggingface.co/IDEA-CCNL/Erlangshen-DeBERTa-v2-97M-CWS-Chinese
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/

Fengshenbang-LM, A {ThR= 1.0

(% L0

author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.3 Erlangshen-DeBERTa-v2-186M-Chinese-SentencePiece

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.3.1 &4} Brief Introduction

FF A0 NLU {145, SR sentence piece 43I, HSCHRAY 1.86 1224 DeBERTa-v2,

Good at solving NLU tasks, adopting sentence piece, Chinese DeBERTa-v2 with 186M parameters.

1.3.2 #E%I4 3 Model Taxonomy

1.3.3 {&E#ZI{Z 2 Model Information

N TAFE—A> P SO ) DeBERTa-v2 (186M) , FATNAEIETEARAE (180G A HEATHNL. FATEM T
Sentence Piece (#7770 (TFK/N: 29 128000) . HAkM, FRATTEFINZRY B b () T B piiE S RARAE 2%
T 8 5 3090TI (24G) %21 K.

To get a Chinese DeBERTa-v2 (186M), we use WuDao Corpora (180 GB version) for pre-training. We employ the
sentence piece as the tokenizer (vocabulary size: around 128,000). Specifically, we use the fengshen framework in the
pre-training phase which cost about 21 days with 8 3090TT (24G) GPUs.

T34 £ Performance

AR T RN HAES R ZER (dev £E):

We present the results (dev set) on the following tasks:

1.3. Erlangshen-DeBERTa-v2-186M-Chinese-SentencePiece 5



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen

Fengshenbang-LM, A {ThR4 1.0

1.3.4 {EH Usage

RET kbt

Huggingface Hiiil:: Erlangshen-DeBERTa-v2-186M-Chinese-SentencePiece

Ing;{EE Loading Models

from transformers import AutoModelForMaskedLM, AutoTokenizer, FillMaskPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-DeBERTa-v2-186M-Chinese—
—SentencePiece', use_fast=False)
model=AutoModelForMaskedLM. from_pretrained (' IDEA-CCNL/Erlangshen-DeBERTa-v2-186M-
—~Chinese—-SentencePiece')

text = '¥ [E F #H L T <mask>, !

fillmask_pipe = FillMaskPipeline (model, tokenizer)

print (fillmask_pipe (text, top_k=10))

1.3.5 5| Citation

R EAE R TAE P TIRATROBAL, WTRAT I HFATRE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT PAG AT 14

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1LM},

[y
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https://huggingface.co/IDEA-CCNL/Erlangshen-DeBERTa-v2-186M-Chinese-SentencePiece
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/

Fengshenbang-LM, A {ThR= 1.0

(€AY

author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.4 Erlangshen-DeBERTa-v2-320M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.4.1 {4} Brief Introduction

HTAEH NLUAESS, RITAmMER R, F3CREY 3.2 /2% DeBERTa-v2-Large.,

Good at solving NLU tasks, adopting Whole Word Masking, Chinese DeBERTa-v2-Large with 320M parameters.

1.4.2 #E%14 35 Model Taxonomy

1.4.3 {&E#EI{Z 2 Model Information

%215 1 DeBERTa: Decoding-enhanced BERT with Disentangled Attention

N T FFE A SR DeBERTa-v2-large (320M), FATHIEIETERLAE (180G fiiA) #EATHIILZ . FA11E MLM
R T AT (wwm) 507500 B, FRATZERTII R B b O T Bl 2L RARAE S 1 8 5K A100 (80G)
27 Ko

To get a Chinese DeBERTa-v2-large (320M), we use WuDao Corpora (180 GB version) for pre-training. We employ
the Whole Word Masking (wwm) in MLM. Specifically, we use the fengshen framework in the pre-training phase which
cost about 7 days with 8 A100 (80G) GPUs.

Tii54E%% Performance

FAVRER T RN HALSF R EE R (dev 4R

We present the results (dev set) on the following tasks:

1.4. Erlangshen-DeBERTa-v2-320M-Chinese 7



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://readpaper.com/paper/3033187248
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen

Fengshenbang-LM, A {ThR4 1.0

1.4.4 {EH Usage

EEIT ik Download Address

Huggingface #ilil:: Erlangshen-DeBERTa-v2-320M-Chinese

Ing;{EE Loading Models

from transformers import AutoModelForMaskedLM, AutoTokenizer, FillMaskPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-DeBERTa-v2-320M-Chinese
—', use_fast=False)
model=AutoModelForMaskedLM. from_pretrained (' IDEA-CCNL/Erlangshen-DeBERTa-v2-320M-
—~Chinese')

text = "HEAMKEZ YR E 4 6K F M T, €A (MASK) L.

fillmask_pipe = FillMaskPipeline (model, tokenizer, device=0)

print (fillmask_pipe (text, top_k=10))

1.4.5 §|H Citation

R EAE R TAE P TIRATROBAL, WTRAT I HFATRE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT PAG AT 14

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1LM},

[y
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https://huggingface.co/IDEA-CCNL/Erlangshen-DeBERTa-v2-320M-Chinese
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/

Fengshenbang-LM, A {ThR= 1.0

(€AY

author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.5 Erlangshen-DeBERTa-v2-710M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.5.1 &4} Brief Introduction

HTAEEE NLUAESS, RN, 30K 7.1 /3% DeBERTa-v2-XLarge.,

Good at solving NLU tasks, adopting Whole Word Masking, Chinese DeBERTa-v2-XLarge with 710M parameters.

1.5.2 %143 Model Taxonomy

1.5.3 {E#&I{Z 2 Model Information

%215 1 DeBERTa: Decoding-enhanced BERT with Disentangled Attention

J T AR E]—A P SO DeBERTa-v2-xlarge (710M) , FoATHAEE EARVE (180G fiiAS) ATl 4k, FRAT#
MLM i [l 7 ARl RS (wwm) 19730, BRI, FRATEF NG Berp i 7 B e 20 AR E 2 1 24 3K
A100 (40G) %21 K,

To get a Chinese DeBERTa-v2-xlarge (710M), we use WuDao Corpora (180 GB version) for pre-training. We employ
the Whole Word Masking (wwm) in MLM. Specifically, we use the fengshen framework in the pre-training phase which
cost about 21 days with 24 A100 (40G) GPUs.

Tii54E%% Performance

£ () N R 2 U

We present the results on the following tasks:

1.5. Erlangshen-DeBERTa-v2-710M-Chinese 9



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://readpaper.com/paper/3033187248
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen

Fengshenbang-LM, A {ThR4 1.0

1.5.4 {EH Usage

EEIT ik Download Address

Huggingface #ilil:: Erlangshen-DeBERTa-v2-710M-Chinese

Ing;{EE Loading Models

from transformers import AutoModelForMaskedLM, AutoTokenizer, FillMaskPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-DeBERTa-v2-710M-Chinese
—', use_fast=False)
model=AutoModelForMaskedLM. from_pretrained (' IDEA-CCNL/Erlangshen-DeBERTa-v2-710M-
—~Chinese')

text = 'A ¥ B H ¥ £ [MASK] . !

fillmask_pipe = FillMaskPipeline (model, tokenizer, device=-1)

print (fillmask_pipe (text, top_k=10))

1.5.5 5| Citation

R EAE R TAE P TIRATROBAL, WTRAT I HFATRE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT PAG AT 14

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1LM},

[y
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https://huggingface.co/IDEA-CCNL/Erlangshen-DeBERTa-v2-710M-Chinese
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/

Fengshenbang-LM, A {ThR= 1.0

(€AY

author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.6 Erlangshen-Longformer-110M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs
1.6.1 &} Brief Introduction
TR SOA, R AT A & i 1) 0 SO 1.1 A 2407 Longformer-Base.
The Chinese Longformer-Base (110M), which uses rotating positional encoding, is adept at handling lengthy text.
1.6.2 %435 Model Taxonomy

1.6.3 #&E#ZI{Z 2 Model Information

41 Longformer-Base Bk 1T, T 13 T chinese_roformer_L-12_H-768_A-12, fF{&iE1ERZE (180 GB fliA)
BEAT T ARSI 5. Ry, FRATTR HBEsE 7 B ik A (ROPE) Sl G i I 25 ikl e (R 35 2] A4 B T R

Following the design of Longformer-Base, we performed continual pre-training on the WuDao corpus (180 GB) based
on chinese_roformer_I.-12_H-768_A-12. Particularly, we employed rotational position embedding (RoPE) to avoid the

uneven sequence length of the pre-trained corpus.

1.6.4 {#f Usage

BEER Tt Download Address

Huggingface Hiiil:: Erlangshen-Longformer-110M

1.6. Erlangshen-Longformer-110M 11



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://github.com/ZhuiyiTechnology/roformer
https://github.com/ZhuiyiTechnology/roformer
https://huggingface.co/IDEA-CCNL/Erlangshen-Longformer-110M

Fengshenbang-LM, A {ThR4 1.0

I ER Loading Models

Atransformers [ HEf Longformer-Base A G FURIZMES AR, T AR H] PATEF AT A Fengshenbang-LM A 4%
P Hiztr .

Since there is no structure of Longformer-Base in transformers library, you can find the structure of Longformer-Base

and run the codes in Fengshenbang-LM.

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git

In#;iEE Loading Models

from fengshen import LongformerModel
from fengshen import LongformerConfig

from transformers import BertTokenizer

tokenizer = BertTokenizer.from pretrained("IDEA-CCNL/Erlangshen-Longformer—-110M")
config = LongformerConfig.from_pretrained("IDEA-CCNL/Erlangshen-Longformer—-110M")
model = LongformerModel.from_pretrained("IDEA-CCNL/Erlangshen-Longformer—-110M")

1.6.5 5|/ Citation

QR ARG AR U T HRATRIBERL, ATAS AT IE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT DAG AT (4

You can also cite our website:
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https://github.com/huggingface/transformers
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://github.com/huggingface/transformers
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/

Fengshenbang-LM, A {ThR= 1.0

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.7 Erlangshen-Longformer-330M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs
1.7.1 &4} Brief Introduction
AL SOA, R AT AL & g i) b SCHL 3.3 {22401 Longformer-large
The Chinese Longformer-large (330M), which uses rotating positional encoding, is adept at handling lengthy text.
1.7.2 #EEI45 3¢ Model Taxonomy

1.7.3 #&E#EI{Z 2 Model Information

1 Longformer-large fi% 31, FAlT1HE: T chinese_roformer_L-12_H-768_A-12, FEIEiETERZE (180 GB fi4)
PEAT T ARSI . Ry, FRATTR eSS 7 B ik A (ROPE) SRl G i I 25 ikl e iR 35 2] A4 B T Rt

Following the design of Longformer-large, we performed continual pre-training on the WuDao corpus (180 GB) based
on chinese_roformer_I.-12_H-768_A-12. Particularly, we employed rotational position embedding (RoPE) to avoid the

uneven sequence length of the pre-trained corpus.

1.7.4 {Ef Usage

BEER Tl Download Address

Huggingface Hiiil:: Erlangshen-Longformer-330M

1.7. Erlangshen-Longformer-330M 13



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://github.com/ZhuiyiTechnology/roformer
https://github.com/ZhuiyiTechnology/roformer
https://huggingface.co/IDEA-CCNL/Erlangshen-Longformer-330M

Fengshenbang-LM, A {ThR4 1.0

In#;iEE Loading Models

Shjtransformers [ W2 % 7 Longformer-large AH 3¢ AT ZER ), B DAVRT] PATEFR AT ¥ Fengshenbang-LM Fp 3%
# Has .

Since there is no structure of Longformer-large in transformers library, you can find the structure of Longformer-base

and run the codes in Fengshenbang-LM.

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git

from fengshen import LongformerModel
from fengshen import LongformerConfig

from transformers import BertTokenizer

tokenizer = BertTokenizer.from_pretrained("IDEA-CCNL/Erlangshen-Longformer-330M")
config = LongformerConfig.from_pretrained ("IDEA-CCNL/Erlangshen-Longformer—-330M")
model = LongformerModel.from_pretrained("IDEA-CCNL/Erlangshen-Longformer—-330M")

1.7.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT DAG AR 4

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},

[y



https://github.com/huggingface/transformers
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://github.com/huggingface/transformers
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/

Fengshenbang-LM, A {ThR= 1.0

(€AY

howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.8 Erlangshen-MegatronBert-1.3B-NLlI

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.8.1 &4} Brief Introduction

2021 4F%5 i FewCLUE HI ZeroCLUE [+ 3C BERT, R4 BT 55 (50 5 H i A

This is the fine-tuned version of the Chinese BERT model on several NLI datasets, which topped FewCLUE and Zero-
CLUE benchmark in 2021

1.8.2 #E#EI4 3 Model Taxonomy
1.8.3 #E#ZI{Z 2 Model Information

BT Erlangshen-MegatronBert-1.3B , FATAENAERY 4 A~ rp SCAUsH NLI (9 2805 5 HERE) Btk , Bt 1014787
AEEAS_ERIOR T A NLLRUA

Based on Erlangshen-MegatronBert-1.3B, we fine-tuned a NLI version on 4 Chinese Natural Language Inference (NLI)
datasets, with totaling 1,014,787 samples.

T3 Performance
1.8.4 {#f Usage

BEER Tl Download Address

Huggingface Hiifil:: Erlangshen-MegatronBert-1.3B-NLI

1.8. Erlangshen-MegatronBert-1.3B-NLI 15



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B-NLI

Fengshenbang-LM, A {ThR4 1.0

In#;iEE Loading Models

from transformers import AutoModelForSequenceClassification

from transformers import BertTokenizer

import torch
tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-MegatronBert—1.3B-NLI")
model=AutoModelForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen—
—MegatronBert—-1.3B-NLI")

texta='"4 K B 4F 2

textb="4 K& [F 4

output=model (torch.tensor ([tokenizer.encode (texta,textb)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))

#iE#E A R HI Data Examples

"texta": " R B L REBAR, FHAEHMEE",
"textb": " FF b — 4 KM,

"label": 2,

midn: 0

PRAEWLGT: B 0 ZORMAN A TP g, | FORIA KR, 2 RRET KA

"id2label": {

"0": "CONTRADICTION",
"1": "NEUTRAL",
"2": "ENTAILMENT"

by

1.8.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

[y
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https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR= 1.0

(CCANY)
—Intelligence},
journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT FATT R 190 -

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.9 Erlangshen-MegatronBert-1.3B-Semtiment

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.9.1 &4} Brief Introduction

2021 4% il FewCLUE il ZeroCLUE [ #413C BERT, 7EXCME RO TAL 55 WA Jo B ARCAS o

This is the fine-tuned version of the Chinese BERT model on several sentiment analysis datasets, which topped FewCLUE
and ZeroCLUE benchmark in 2021.

1.9.2 E#EI4 3 Model Taxonomy
1.9.3 {E#ZI{Z E Model Information

$:TF Erlangshen-MegatronBert-1.3B, FRATENCHERY 8 A~ SCHUR A @i dle, ST 227347 MR B
T — Semtiment fix 7,

Based on Erlangshen-MegatronBert-1.3B, we fine-tuned a sentiment analysis version on 8 Chinese sentiment analysis
datasets, with totaling 227,347 samples.

1.9. Erlangshen-MegatronBert-1.3B-Semtiment 17



https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B

Fengshenbang-LM, A {ThR4 1.0

Tis% 82 Performance
1.9.4 {#H Usage

EEIT ik Download Address

Huggingface #iiik: Erlangshen-MegatronBert-1.3B-Sentiment

InEEE Loading Models

from transformers import AutoModelForSequenceClassification
from transformers import BertTokenizer

import torch

tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-MegatronBert-1.3B~-
—Sentiment"')

model=AutoModelForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen-—
—MegatronBert-1.3B-Sentiment"')

text="'4 KX Q01§ 4

output=model (torch.tensor ([tokenizer.encode (text)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))

#iE#E A R HI Data Examples

"texta": "N LOK, I T2R T EVISIAT IR LETH AR EAHAAR NS EHNF 4,
SR B ERFEARFER A, 4600 T E AN KA.,
"textb": "",
"label": 1,
"id": "33"
}

PREEWLGT: BRI 0 FORIE, fth 1 FoRBR

"id2label":{
"0":"Negative",
"1":"Positive"

}
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https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B-Sentiment

Fengshenbang-LM, A {ThR= 1.0

1.9.5 5|/ Citation

AR EAE R TAE R G T RATHIRIRY, aT AT FRATHY 1L

If you are using the resource for your work, please cite the our paper:

@Qarticle{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

HLRT AT AT 4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.10 Erlangshen-MegatronBert-1.3B-Similarity

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.10.1 {4} Brief Introduction

2021 4T FewCLUE #1 ZeroCLUE FJ 3¢ BERT, FEACIAIBURAT 55 _ERCA J5 AO A .

This is the fine-tuned version of the Chinese BERT model on several similarity datasets, which topped FewCLUE and
ZeroCLUE benchmark in 2021.

1.10. Erlangshen-MegatronBert-1.3B-Similarity 19


https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/

Fengshenbang-LM, A {ThR4 1.0

1.10.2 {E#EI4r3 Model Taxonomy
1.10.3 #ZJ{E 2 Model Information

FFErlangshen-MegatronBert-1.3B, FeATHEAER 20 4 SCARIE A B S 5dE4E , BT 2,773,880 AMFEAS 1
T —> Similarity 4,

Based on Erlangshen-MegatronBert-1.3B, we fine-tuned a similarity version on 20 Chinese paraphrase datasets, with
totaling 2,773,880 samples.

Bisk Achievements

FATT 2022 4£ 7 A 10 HE TR CLUE & SCPCECAS, 120 WL Towards No.1 in CLUE Semantic Matching Challenge:
Pre-trained Language Model Erlangshen with Propensity-Corrected Loss.,

We topped the CLUE benchmark semantic matching task on July 10, 2022, as detailed in Towards No.l in CLUE
Semantic Matching Challenge: Pre-trained Language Model Erlangshen with Propensity-Corrected Loss.

Ti534E Performance
1.10.4 {&EH Usage

EEIT & Download Address

Huggingface Hiifil:: Erlangshen-MegatronBert-1.3B-Similarity

InEEE Loading Models

from transformers import AutoModelForSequenceClassification
from transformers import BertTokenizer

import torch

tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-MegatronBert—1.3B-
—Similarity"')

model=AutoModelForSequenceClassification. from_pretrained('IDEA-CCNL/Erlangshen—
—MegatronBert-1.3B-Similarity")

texta="'4 K W IR A ¥ 7%
textb="4 K 0§ A~ 4F

output=model (torch.tensor ([tokenizer.encode (texta,textb)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))
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https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B
https://arxiv.org/abs/2208.02959
https://arxiv.org/abs/2208.02959
https://arxiv.org/abs/2208.02959
https://arxiv.org/abs/2208.02959
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B-Similarity

Fengshenbang-LM, A {ThR= 1.0

iR A =B

"texta": "W NEIH MR AT RS 7,
"textb": "4 M By W T H BB R AT FE A,
"label": 1,

"id": 0

}

PRI - B O Fon AL, Hih 1 2R

"id2label":{
"0":"not similarity",
"1":"similarity"

}

1.10.5 5| Citation
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If you are using the resource for your work, please cite the our paper for this model:

@article{fengshenbang/erlangshen-megatronbert-sim,
author = {Junjie Wang and
Yuxiang Zhang and
Ping Yang and
Ruyi Gan},
title = {Towards No.l in {CLUE} Semantic Matching Challenge: Pre-trained.
—Language

Model Erlangshen with Propensity-Corrected Loss},

journal = {CoRR},
volume = {abs/2208.02959},
year = {2022}

AR EAE R TAE R G T RATHORZY, ] DAG | FATTAY S5

If you are using the resource for your work, please cite the our overview paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu..
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},
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https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR4 1.0

(€AY

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT | BATRY 190

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.11 Erlangshen-MegatronBert-3.9B-Chinese

¢ Github: Fengshenbang-LM

¢ Docs: Fengshenbang-Docs

1.11.1 &4} Brief Introduction

HTAE NLUALSS, BRI, #0439 {24/ 3C BERT K%,

Good at solving NLU tasks, the largest Chinese BERT (39B) currently.

1.11.2 #&EEY4 3£ Model Taxonomy

1.11.3 #EZEJ{EE Model Information

Erlangshen-MegatronBert-3.9B-Chinese s&—{~ . Erlangshen-MegatronBert-1.3BI A B £ S50 4 (3912). &
IBEGEOR G TN 7 XAERRE RS (300G i) ATt gh. Bk, FAIZERIZRp B 61 7%
MHEZEIMEIE SR T 64 5k A100 (40G) £ 30 K.

Erlangshen-MegatronBert-3.9B-Chinese (3.9B) is a larger version of Erlangshen-MegatronBert-1.3B. By following the

original instructions, we apply WuDao Corpora (300 GB version) as the pretraining dataset. Specifically, we use the

fengshen framework in the pre-training phase which cost about 30 days with 64 A100 (40G) GPUs.

29 Chapter 1. ZEBH R



https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen

Fengshenbang-LM, A {ThR= 1.0

¥ % {2 More Information

IDEA #F % 58 Hp SCHi)I | A2 — B #3181 Few CLUE #3% B

2021 4E 11 A 10 H, Erlangshen-MegatronBERT-1.3B ¥£ FewCLUE FHf555—. H, ‘B¥E CHIDF(WIEIEZS)
FI TNEWSCHT [ 43 28) FAES iR EME T A28 8. 1A, BEFE CHIDF(iEIA %), CSLDCP(4 R} SCHR 70 25),
OCNLI( B K15 & 13 (£ 55 h IR 51

On November 10, 2021, Erlangshen-MegatronBert-1.3B topped the FewCLUE benchmark. Among them, our Erlangshen
outperformed human performance in CHIDF (idiom fill-in-the-blank) and TNEWS (news classification) subtasks. In
addition, our Erlangshen ranked the top in CHIDF (idiom fill-in-the-blank), CSLDCP (subject literature classification),
and OCNLI (natural language inference) tasks.

T34 Performance

USRS R (A U TR )

Scores on downstream Chinese tasks (without any data augmentation):
1.11.4 {H Usage

EEFE bl Download Address

Huggingface Hbdik: Erlangshen-MegatronBert-3.9B-Chinese

Ing;i5EE Loading Models

from transformers import AutoModelForMaskedLM, AutoTokenizer, FillMaskPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-MegatronBert-3.9B-
—~Chinese', use_fast=False)
model=AutoModelForMaskedLM. from_pretrained (' IDEA-CCNL/Erlangshen-MegatronBert-3.9B—
—Chinese')

text = "4 JE B H W & [MASK] . !

fillmask_pipe = FillMaskPipeline (model, tokenizer)

print (fillmask_pipe (text, top_k=10))

1.11. Erlangshen-MegatronBert-3.9B-Chinese 23



https://mp.weixin.qq.com/s/bA_9n_TlBE9P-UzCn7mKoA
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1.11.5 5| Citation

AR EAE R TAE R G T RATHIRIRY, aT AT FRATHY 1L

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.

—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.

—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},
title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

HLRT AT AT 4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},

howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.12 Erlangshen-Roberta-110M-NLI

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.12.1 {4} Brief Introduction

H13C ) RoBERTa-wwm-ext-base 7EXCMERAT 55 10 5 1 AR o

This is the fine-tuned version of the Chinese RoBERTa-wwm-ext-base model on several NLI datasets.
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Fengshenbang-LM, A {ThR= 1.0

1.12.2 {E#I453 Model Taxonomy
1.12.3 #EZJ{E 2 Model Information

B Frchinese-roberta-wwm-ext-base, FATLENSER) 4 4> U NLL (5 REFHER) $odide, St 1014787
AFEA BRI T A NLLRUA

Based on chinese-roberta-wwm-ext-base, we fine-tuned an NLI version on 4 Chinese Natural Language Inference (NLI)

datasets, with totaling 1,014,787 samples.

T34 Performance
1.12.4 {H Usage

EEIFE bl Download Address

Huggingface Hiiik: Erlangshen-Roberta-110M-NLI

In#;iEE Loading Models

from transformers import BertForSequenceClassification
from transformers import BertTokenizer

import torch

tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen—-Roberta-110M-NLI")
model=BertForSequenceClassification.from _pretrained('IDEA-CCNL/Erlangshen—-Roberta-—

< 110M-NLI')

texta='4 K WA 4
textb="'4 K fF 4"

output=model (torch.tensor ([tokenizer.encode (texta,textb)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))

IR ARG

"texta": "H ER MBI AMBAR, FHAEMEE",
"textb": "H FE /b — KM,

"label": 2,

"id": 0
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Fengshenbang-LM, A {ThR4 1.0

PRAEWLGT: B 0 FORMA A TP E, | FoREA KR, 2 RRAFT KA

"id2label": {

"0": "CONTRADICTION",
"1": "NEUTRAL",
"2": "ENTAILMENT"

He

1.12.5 5| A Citation

AR EAE R TAE R G T FRATHIRIY, AT AT | HFRATHIE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,
{Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

author =
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
and.

—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.
—~Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

LT DAG AT 4

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1LM},
author={IDEA-CCNL},

year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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Fengshenbang-LM, A {ThR= 1.0

1.13 Erlangshen-Roberta-110M-Sentiment
¢ Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs
1.13.1 &4} Brief Introduction
1 3CHY) RoBERTa-wwm-ext-base 754 B4 AT AT 55 1ol f i B AR
This is the fine-tuned version of the Chinese ROBERTa-wwm-ext-base model on several sentiment analysis datasets.
1.13.2 {E#&I43 Model Taxonomy
1.13.3 #ZJ{EE Model Information

% chinese-roberta-wwm-ext-base, FATTENCERRY 8 A ST B Brdia gl . BT 227347 AMFEAR L
P8 T —~ Semtiment fig 7%

Based on chinese-roberta-wwm-ext-base, we fine-tuned a sentiment analysis version on 8 Chinese sentiment analysis

datasets, with totaling 227,347 samples.

Ti534E Performance
1.13.4 {EH Usage

EETFE b Download Address

Huggingface Hifi: Erlangshen-Roberta-110M-Sentiment

In#;iEE Loading Models

from transformers import BertForSequenceClassification
from transformers import BertTokenizer

import torch
tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen—-Roberta-110M-Sentiment"')
model=BertForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen-Roberta-—

—110M-Sentiment')

text="% K0 F R4

EET D)

1.13. Erlangshen-Roberta-110M-Sentiment 27



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://huggingface.co/hfl/chinese-roberta-wwm-ext-base
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Fengshenbang-LM, A {ThR4 1.0

(% L0

output=model (torch.tensor ([tokenizer.encode (text)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))

IR ARG

"texta": "M AOK, I T2RT AVISTAT IR LATH AR EARHAAR NE A M 4,
AT EER ERFERER A, 4600 T E AN AALE.",
"textb": "",
"label": 1,
midm: "33"
}

PRAEWLGT: BB 0 FORI, il 1 FORBUR

"id2label":{
"0":"Negative",
"1":"Positive"

}

1.13.5 5| Citation

R BAE R TAR R G T FRATHORIRY, AT AT | AT IE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi

Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—~Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._
—Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

AT AT FATR 190 -

You can also cite our website:
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Fengshenbang-LM, A {ThR= 1.0

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.14 Erlangshen-Roberta-110M-Similarity

¢ Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs
1.14.1 &4} Brief Introduction
13 RoBERTa-wwm-ext-base FE50 LI AT 45 S0 i i i A
This is the fine-tuned version of the Chinese ROBERTa-wwm-ext-base model on several similarity datasets.
1.14.2 %4 3€ Model Taxonomy

1.14.3 #ZEJ{5 B2 Model Information

FLF-chinese-roberta-wwm-ext-base, FRATFEULEER 20 A SCAUH A o SHIRAE, BTt 2773880 R4 A
T — Similarity 7.

Based on chinese-roberta-wwm-ext-base, we fine-tuned a similarity version on 20 Chinese paraphrase datasets, with

totaling 2,773,880 samples.

T3 E Performance
1.14.4 {EF Usage

EEIT bk Download Address

Huggingface Hiifil:: Erlangshen-Roberta-110M-Similarity
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Fengshenbang-LM, A {ThR4 1.0

In#;iEE Loading Models

from transformers import BertForSequenceClassification
from transformers import BertTokenizer

import torch

tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-Roberta-110M-Similarity
")
model=BertForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen—-Roberta—

—110M-Similarity")

texta='4 K AR R 4z
textb="'4 K& F 4
output=model (torch.tensor ([tokenizer.encode (texta,textb)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))

#iEt¥E AR B Data Examples

rtextam: " UEHMETFD 2",
"textb: "4 M # 4 T A A 8 R AT R T H
"label": 1,

"id": 0

}

PREEWLGT: BRI 0 FOR AL, fri 1 Fon A

"id2label":{

"0":"not similarity",
"1":"similarity"
}

1.14.5 5|H Citation

R EAE R TAR R G T RATHIRIRY, aT AT AT IE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.

—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.

[y
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https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR= 1.0

(€AY

—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and_
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},
title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT FATTRA 190 -

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.15 Erlangshen-Roberta-330M-NLI

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.15.1 &4} Brief Introduction
FF i RoBER Ta-wwm-ext-large ¥EHCN AT & 0 5 B R AR

This is the fine-tuned version of the Chinese RoOBERTa-wwm-ext-large model on several NLI datasets.

1.15.2 {E#&I45r3 Model Taxonomy

1.15.3 #ZJ{E 82 Model Information
F T chinese-roberta-wwm-ext-large, FATLEYCEERY 4 A SC4Ek) NLL (H AR TEF ) Sdnse, Bt 1014787
AFEA AR T~ NLIARAS .

Based on chinese-roberta-wwm-ext-large, we fine-tuned an NLI version on 4 Chinese Natural Language Inference (NLI)

datasets, with totaling 1,014,787 samples.

1.15. Erlangshen-Roberta-330M-NLI 31



https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/
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https://huggingface.co/hfl/chinese-roberta-wwm-ext-large
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Fengshenbang-LM, A {ThR4 1.0

Tils53 R Performance
1.15.4 {#H Usage

EEIT ik Download Address

Huggingface #iiik: Erlangshen-Roberta-330M-NLI

INEIEE Loading Models

from transformers import BertForSequenceClassification
from transformers import BertTokenizer

import torch

tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-Roberta-330M-NLI")
model=BertForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen-Roberta—

< 330M-NLI')

texta="'% K &y L K 4 77
textb="4% K 0 F A 4

output=model (torch.tensor ([tokenizer.encode (texta,textb)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))

#iE#E A R HI Data Examples

"texta": "B L E BT RWMAKR, FHEAMEE",
"textb": " FE DR K",

"label": 2,

"idn: 0

PRI B O SR TG, | FRA KRR, 2R T KR

"id2label": {

"0": "CONTRADICTION",
"1": "NEUTRAL",
"2": "ENTAILMENT"

by
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Fengshenbang-LM, A {ThR= 1.0

1.15.5 5| A Citation

AR EAE R TAE R G T RATHIRIRY, aT AT FRATHY 1L

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

HLRT AT AT 4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.16 Erlangshen-Roberta-330M-Sentiment

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.16.1 {4} Brief Introduction

H13C ) RoBER Ta-wwm-ext-large P24 AT AT 55 1ol e /9 i A~

This is the fine-tuned version of the Chinese ROBERTa-wwm-ext-large model on several sentiment analysis datasets.
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1.16.2 {E#EI45r3 Model Taxonomy
1.16.3 #ZJ{E 2 Model Information

$&Fchinese-roberta-wwm-ext-large, FRATIEWCERR 8 A>rh SCHUEIY 1 A A B4, BT 227347 MEA L
P8 T —~ Semtiment g 7%,

Based on chinese-roberta-wwm-ext-large, we fine-tuned a sentiment analysis version on 8 Chinese sentiment analysis

datasets, with totaling 227,347 samples.

T34 Performance
1.16.4 {EH Usage

EEIFE bl Download Address

Huggingface Hiilik: Erlangshen-Roberta-330M-Sentiment

In#;iEE Loading Models

from transformers import BertForSequenceClassification
from transformers import BertTokenizer

import torch
tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen—-Roberta-330M-Sentiment"')

model=BertForSequenceClassification.from _pretrained('IDEA-CCNL/Erlangshen—-Roberta-—
—330M-Sentiment')

text="4 KO 1F R4

output=model (torch.tensor ([tokenizer.encode (text)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))

B A RH) Data Examples

"texta": "SNHIEOK, A T2RT EVISTAT Ik REATH AN EH B AH B DNT i 414,
AT ERERPETR RR KA, 4600 sy X AN AALG.",
"textb": "",
"label": 1,
"id": "33"
}
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Fengshenbang-LM, A {ThR= 1.0

PRAEWLGT: R 0 FORI, fih 1 FORBUR

"id2label":{
"O0":"Negative",
"1":"Positive"

}

1.16.5 5|H Citation

QR EAE G AR 1 T RATRIBERL, nTAS | FATHIE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._
—~Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

AT DAG | FATTR 4 3t

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},

howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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Fengshenbang-LM, A {ThR4 1.0

1.17 Erlangshen-Roberta-330M-Similarity
¢ Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs
1.17.1 &4} Brief Introduction
H (i) RoBERTa-wwm-ext-large YE£0 AL BEAT: 55 S0 5 1 A
This is the fine-tuned version of the Chinese ROBERTa-wwm-ext-large model on several similarity datasets.
1.17.2 #4533 Model Taxonomy
1.17.3 #ZJ{EE Model Information

HEFchinese-roberta-wwm-ext-large , FEATEEWEER 20 A rp SCATI K e S8R 4L, BT 2773880 ANREA i
T —> Similarity g4,

Based on chinese-roberta-wwm-ext-large, we fine-tuned a similarity version on 20 Chinese paraphrase datasets, with

totaling 2,773,880 samples.

Ti534E Performance
1.17.4 {EH Usage

EETFE b Download Address

Huggingface it : Erlangshen-Roberta-330M-Similarity

In#;iEE Loading Models

from transformers import BertForSequenceClassification
from transformers import BertTokenizer

import torch

tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-Roberta-330M-Similarity
o)
model=BertForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen—-Roberta—

—330M-Similarity'")

texta='4 KR 4 vz

EET D)
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(% L0

textb="4% K & F 4"
output=model (torch.tensor ([tokenizer.encode (texta,textb)]))
print (torch.nn.functional.softmax (output.logits,dim=-1))
Bt AR H) Data Examples
{

"texta": "W UWEHE HETFG 7",

"textb": "4 MW 0 T R Al By RATFE K",

"label": 1,

"id": O

}
PREEWLGT: AR 0 R, Fi 1 FoRAIL
"id2label":{

"0":"not similarity",
"1":"similarity"
}

1.17.5 5|H Citation
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If you are using the resource for your work, please cite the our paper:
@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

LT DAG AT 4

You can also cite our website:
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Fengshenbang-LM, A {ThR4 1.0

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.18 Erlangshen-Ubert-110M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.18.1 {4} Brief Introduction

R MG WHESAL PR R IE 55, ATWIN2022 fE 05 %, 1.1 /03501 S0 UBERT-Base.

Adopting a unified framework to handle multiple information extraction tasks, AIWIN2022’s champion solution, Chinese
UBERT-Base (110M).

1.18.2 {E&Y4 3£ Model Taxonomy

1.18.3 #ZJ{EE Model Information

£#i8: Unified BERT for Few-shot Natural Language Understanding

UBERT 22022 4= AIWIN HEA TR GEQURTRTE : bSO/ MEARZAL 55 5E R B AR 5 BATTFE T
— TR BERT WE THZES . ZHF. S—mfBuESHES. 11 UBERT 7ELLEE A B5F1 B 45 I
PIRAS TH 4. PO BRI A USRS AT, AT URAY UBERT AZAMES5 HlidE T 70
ZEESE (351,065,000 MEAS) SRBEATHNZR, I HFATERE T MacBERT-Base /B T M 4% o B T SCRAIT
FERI 2 40, FeA14 UBERT i il DA T4 Rz 5, 40 NLL SRR BRI P eREf@ . 7561 S A] DAFE Github
##

UBERT was the winner solution in the 2022 AIWIN ARTIFICIAL INTELLIGENCE WORLD INNOVATIONS: Chi-
nese Insurance Small Sample Multi-Task. We developed a unified framework based on BERT-like backbone for multiple
tasks and objectives. Our UBERT owns first place, as described in leaderboards A and B. In addition to the unavailable
datasets in the challenge, we carefully collect over 70 datasets (1,065,069 samples in total) from a variety of tasks for
open-source UBERT. Moreover, we apply MacBERT-Base as the backbone. Besides out-of-the-box functionality, our
UBERT can be employed in various scenarios such as NLI, entity recognition, and reading comprehension. The example

codes can be found in Github.

e £ : Unified BERT for Few-shot Natural Language Understanding
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https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://arxiv.org/abs/2206.12094
http://ailab.aiwin.org.cn/competitions/68#results
https://huggingface.co/hfl/chinese-macbert-base
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/dev/yangping/fengshen/examples/ubert
http://ailab.aiwin.org.cn/competitions/68#results
http://ailab.aiwin.org.cn/competitions/68#results
https://huggingface.co/hfl/chinese-macbert-base
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/dev/yangping/fengshen/examples/ubert
https://arxiv.org/pdf/2206.12094.pdf

Fengshenbang-LM, % {ThiE4 1.0

* FF: AIWIN KFEEF, IDEA BFEBE BRI 2 5527 > 77 % Ubert

1.18.4 {H Usage
ER T & it Download Address
InEEiE % Loading Models

LEFRATI fengshen HESE, FRATE HLARHEUN T J7 22

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang-LM
pip install --editable ./

— AT N ARSI B SR, /0] DMERB SORG text FIZAHEEY entity_type, {A%—F Zero-Shot {:fE

import argparse

from fengshen import UbertPiplines

total_parser = argparse.ArgumentParser ("TASK NAME")
total_parser = UbertPiplines.piplines_args (total_parser)
args = total_parser.parse_args ()
args.pretrained_model_path = 'IDEA-CCNL/Erlangshen-Ubert-110M-Chinese'
—S#TI AR B R
test_data=|[
{
"task_type": " HEF",
"subtask_type": "SL{KE H|",
"text": "HHURZVEFERNS, REFEXAEBRASAHFATERNEEFHK. ",
"choices": [
{"entity_type": "/ K & F"},
{"entity_type": "K L IR F"}
I
"id": 0}

model = UbertPiplines (args)
result = model.predict (test_data)
for line in result:

print (line)
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https://zhuanlan.zhihu.com/p/539958182?
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Finetune {&FH

THERI B ATE 2 o KB R B IEA T O GRM A2, nl DA B #0EFT Zero-Shot, QIR RIAANAREE finetune,
W PAZEFATH) example.py. AR HTEERFFATERE AL BLSCAFATE LRoRs,  BIATOE A & B LT AU 58
ISR A ISR AR . FATT/2 51 pytorch-lightning () trainer . YEYNZRIS, TLAEHEAL A trainer (24K, B
ik LT —H MBS NS ET

—-pretrained_model_path #MN A ER W BE, ZA
——load_checkpoints_path
s BREA WG EE, R finetune®, B REAFATHMNTUEAXNMZH

—-batchsize #HoR KA, BRIL 8

--monitor A EATERERNETE, Al &A1 K val_span_acc
——checkpoint_path #HE AR F W %%, BRI\ ./checkpoint
--save_top_k #REHRELADER, BN 3
——every_n_train_steps #E O FRE—RHER, Bk 100
—-learning_rate #% J E, BRIk 2e-5

——warmup #T AR M E, BN 0.01
——default_root_dir #EAE TR BAE
—-gradient_clip_val #%6 F # BT, BRIk 0.25

-—-gpus #gpu W H E
—--check_val_every_n_epoch #%2 VLW BAE— R, ik 100
--max_epochs #% b~ epochs, BN 5
--max_length #H FRAKE, BN 512

——num_1labels
SHNGELEHARS AL D Nlabel, BA N HATHENRHFAHEKX, BRI 10

R TR IR R

HAELRY Piplines ATE L5 4, FrAA T, FATE L 78R HEERANERNG b L2 5E —
TILFME 52

XTI RAESS , FATELRIEIA L /E2 entity_type, T3 2 HKE label 7, label 2y 1 FIRZI%IREE Je 1L
oy N TN T

"task_type": "4 X £ 4",
"subtask_type": " & 4 X",
"text": "70001L % LA o E M H T &,

"choices": [{

EET D)
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https://github.com/IDEA-CCNL/Fengshenbang-LM/blob/main/fengshen/examples/ubert/example.py

Fengshenbang-LM, A {ThR= 1.0

(€AY

"entity_type":

"label": 1,

R E A,

"entity_list": []
oo A
"entity type": " — Il % F #HH",
"label": 0,
"entity_list": []
oo A
"entity type": " — | £ & #H EH ",
"label": 0,
"entity_list": []
1y
"id": 0
}
BAESHE
{
"task_type": "4 K (£ 4",
"subtask_type": "H 4 iE = 4 HE",
"text": "EHEZMERT, AR THFEEFEAEH BB EEE. ",
"choices": [{
"entity_type": "F DM L — AN BT EMFRECM BB RK. ",
"label": 1,
"entity_list": []
Foo A
"entity_type": "T R EH L —NBRTEMNMFHRCMBBERK. ",
"label": 0,
"entity_list": []
Foo A
"entity_type": "MBH M H: — AR T EMNFHE CABBEREK. ",
"label": 0,
"entity_list": []
Py
"id": 0
}

1.18. Erlangshen-Ubert-110M-Chinese
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BN

"task_type": "4 £ 4,
"subtask_type": "i& X IL E",
"text": "FEHTRERRER T EMEH",

"choices": [{
"entity_type": " b IE M H : M ACF M BT BOH fF A,
"label": 1,
"entity_list": []
Foo A
"entity_type": " DL H f5 3T AL A B E B B A,
"label": O,
"entity_list": []
1
"id": 0
}
HEES

XEFHEUT 55, label 7 Beje AL

EEIRF

{
"task_type": " B {E 4,
"subtask_type": "L {&iF A",
"text":

n %

S"GANERL, EARTAEANREEBENARAFHER, AR W AN AARNHETLEET P,

"

"choices": [{
"entity_ type": " Hh Jpv ,
"label": O,
"entity list": [{
"entity name": " & & ",
"entity type": "Hiit",
"entity idx": [
[15, 16]
]
}]
H
"entity_ type": "I iF AL AT,
T
42
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(CCANY)
"label": O,
"entity_list": []
Foo A
"entity type": "H ¥ & ",
"label": 0,
"entity_list": []
Foo A
"entity type": " A4 %",
"label": O,
"entity list": [{
"entity_name": "% /)N ZE ",
"entity_type": " A4 # 4",
"entity_didx": [
[0, 2]
]
]
by
"id": 0
}
B HhER
{
"task_type": " B (£ 5",
"subtask_type": " {F # HL",
"text": "/NK O A% ¥ M, 6GB+128GBEk 7200, H Nk HALEAE L,
"choices": [{
"entity_type": " [ () #7 5",
"label": O,
"entity_list": []
Foo A
"entity_type": "[& B E A,
"label": O,
"entity list": []
Foo A
"entity_type": ") B M,
"label": O,
"entity_list": [{
"entity_name": "/ k9",
"entity_type": "[§{)} # N,
"entity_idx": [
[0, 2]
GAN)
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(£ b0
]
b A
"entity_name": "/ k9",
"entity_type": "[& () & K4,
"entity_didx": [
[0, 2]
]
H
b A
"entity_type": "[&{}dy [ i@ L,
"label": O,
"entity_list": []
1y
nid: 0
}
HER IR A
{

"task_type": "1 Bl &,
"subtask_type": "if Bl A J % #E @,
"text":

S"HE2014F7ALE, EHTEHA DI H1381069A, REEHFNARBKT, MABRBEMNE AWM FT. ©2F#

oFLPMTHEG B, REEHHREE-
SBPZEME_RESRERTH, Apaozz723, FHITFEMMNEEH, MeFRMHIHE. X

"

"choices": [{
"entity type": "M T ENRE, FAXBARLBITCL LB S WR 7",
"label": O,

"entity_list": [{
"entity_name": "4 4 L K & &,
"entity_ idx": [
[153, 158]

}]
Foo A

"entity type": "HE A AN EFHIIF, BN EZHTTFHFAEARNEA",
"label": O,
"entity_list": [{

"entity name": "% [H g £ ",

"entity_didx": [

[135, 138]

R R AT

ET )
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(CCANY)
]
]
Foo A
"entity type": "HE X E T AWM T P, FHAXEFLHF L 7",
"label": O,
"entity list": [{
"entity name": "# )\ ",
"entity_idx": [
[33, 34]
]
]
1y
"id": 0
}
1.18.5 5| A Citation
MR EAERRD) TAEPE N TIATAEAL, AT A [ FRATHRHZAR AL 18 3
If you are using the resource for your work, please cite the our paper for this model:
@article{fengshenbang/ubert,
author = {JunYu Lu and
Ping Yang and
Jiaxing Zhang and
Ruyi Gan and
Jing Yang},
title = {Unified {BERT} for Few-shot Natural Language Understanding},
journal = {CoRR},
volume = {abs/2206.12094},
year = {2022}
}
MR BAE R TAE PR T 3RATAORIZL, BRI DAG I FRATTAY e L
If you are using the resource for your work, please cite the our overview paper:
@article{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

[y
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https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR4 1.0

(CCANY)
—Intelligence},
journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT FATT R 190 -

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.19 Erlangshen-Ubert-330M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.19.1 &4} Brief Introduction

K Ge— W HE B B 2 PP BT %, AIWIN2022 (158 % )48, 3.3 {25581 f ¢ UBERT-Large .,

Adopting a unified framework to handle multiple information extraction tasks, AIWIN2022’s champion solution, Chinese
UBERT-Large (330M).

1.19.2 A4 3£ Model Taxonomy

1.19.3 #ZY{ 2 Model Information

£ Unified BERT for Few-shot Natural Language Understanding

UBERT /22022 4 AIWIN 5T BEQPHT K38 SCORIE/ MEAZAL S5 SR R IR T R BATIT K
T ET M BERT (TS . ZHS. S MBULSFHER. 11 UBERT fELL3E A #5741 B
B EIHUAT 74 . RO R AR AE USRS ARG AT, AT UBERT M M55 il 4R
T 70 284 (3t 1,065,009 MHEA) KA RIS, FH HIRATESE T MacBERT-Large fE BT M 45 . [k
T SRR Z 5h, #A169 UBERT i n] DA 45 Fhd7 5, 40 NLLL SCORIRBIAN PP . /R BiACRS T pA
FEGithubH 4% 3] .
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https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://arxiv.org/abs/2206.12094
http://ailab.aiwin.org.cn/competitions/68#results
https://huggingface.co/hfl/chinese-macbert-large
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/dev/yangping/fengshen/examples/ubert

Fengshenbang-LM, A {ThR= 1.0

UBERT was the winner solution in the 2022 AIWIN ARTIFICIAL INTELLIGENCE WORLD INNOVATIONS: Chi-
nese Insurance Small Sample Multi-Task. We developed a unified framework based on BERT-like backbone for multiple
tasks and objectives. Our UBERT owns first place, as described in leaderboards A and B. In addition to the unavailable
datasets in the challenge, we carefully collect over 70 datasets (1,065,069 samples in total) from a variety of tasks for
open-source UBERT. Moreover, we apply MacBERT-Large as the backbone. Besides out-of-the-box functionality, our
UBERT can be employed in various scenarios such as NLI, entity recognition, and reading comprehension. The example

codes can be found in Github.

* {3 Unified BERT for Few-shot Natural Language Understanding

* AP AIWIN KFEE%, IDEA BFFEBeR il th 2415547 > 75 % Ubert
1.19.4 {#EH Usage

EEITE bl Download Address

(i R I 2l | Erlangshen-Ubert-110M-Chinese | https://huggingface.co/IDEA-CCNL/
Erlangshen-Ubert-110M-Chinese | | Erlangshen-Ubert-330M-Chinese | https://huggingface.co/IDEA-CCNL/
Erlangshen-Ubert-330M-Chinese |

Ing;iEE Loading Models

Pip install fengshen

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang—-LM
pip install --editable ./

Run the code

import argparse
from fengshen import UbertPiplines

total_parser = argparse.ArgumentParser ("TASK NAME")

total_parser = UbertPiplines.piplines_args (total_parser)

args = total_parser.parse_args ()

args.pretrained_model_path = "IDEA-CCNL/Erlangshen-Ubert-330M-Chinese"

test_data=|[
{
"task_type": " B E S ",
"subtask_type": "SL{KIE H|",
"text": "XWURLZ L ETFER IS, BAARBRRLAFZAFATERNEZELRK. ",

[y
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http://ailab.aiwin.org.cn/competitions/68#results
http://ailab.aiwin.org.cn/competitions/68#results
https://huggingface.co/hfl/chinese-macbert-large
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/dev/yangping/fengshen/examples/ubert
https://arxiv.org/pdf/2206.12094.pdf
https://zhuanlan.zhihu.com/p/539958182?
https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-110M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-110M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-330M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-330M-Chinese

Fengshenbang-LM, A {ThR4 1.0

(£ b0
"choices": [
{"entity_type": "/JNRKX & F"},
{"entity_type": "KL B EK"}
I
"idv: 0}

model = UbertPiplines (args)
result = model.predict (test_data)
for line in result:

print (line)

1.19.5 Finetune {§#

THERIR AT E 2 20 KRB BEAT O ZRMI A58, AT DA B4 #EAT Zero-Shot, IR RIBARAREE finetune,
I AZHFA TR example.py. AR AT ERFRATENE AL BLSCHFATE LR, RIAT6E A &) B AT AChs 5¢
JEAZL N ZR AR . 125 1] pytorch-lightning () trainer o FEYIZRIN, AIVAEHEAL A trainer (924K, BLAD
TN LT — e AL SHL HHSEAT

—-pretrained_model_path #N A R AR, BA
—--load_checkpoints_path
S BRERGEE, R finetunet, B REARTHMNTUNEAZINZH

—-batchsize #Hk AN, BN 8

--monitor thAEEATERENETE, Al & K#E val_span_acc
—-checkpoint_path AR TN B2, BRI\ ./checkpoint
——save_top_k R ERELNER, BKiL 3
——every_n_train_steps #% > FRAFE—RHEA, BN 100
—-learning_rate #5] E, Bk 2e-5

——warmup #FTAR B BEE, BRIA 0.01
——default_root_dir #EAE FHRING L BA
——gradient_clip_val #46 FAEB, Bk 0.25

--gpus #gpu W H &
—--check_val_every_n_epoch #% >R AL — %k, BHiIA 100
—-max_epochs #% /b epochs, ik 5
--max_length #H FRAKE, BN 512

——-num_labels

AN G EERERS WS b Mlabel, BANAAMAREAEA, Bk 10
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https://github.com/IDEA-CCNL/Fengshenbang-LM/blob/main/fengshen/examples/ubert/example.py
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1.19.6 EIETHAME B

RAELIAAY Piplines WATE A5 4, FroAN T, FATE L T8 HERIERNGH F 2540 —
TR S

DHEES

XTI RAESS . FATELRIEIA L /2 entity_type, FATF 2 RKE label FE, label 2y 1 FIRZIZIREE Je 1L
MbRZE . AR TR BT

{
"task_type": "/ £ (L %",
"subtask_type": " X A& 4%,
"text": "T000LE MW ERRHATEL",
"choices": [{
"entity_type": "— | It Z ¥ E ",
"label": 1,
"entity_list": []
P A
"entity_ type": "— |l # F #r HE ",
"label": O,
"entity list": []
oo A
"entity type": "— | £ # @ E ",
"label": O,
"entity_list": []
I
"idv: 0
}
BAESHE
{

"task_type": "/ X (£ 4",
"subtask_type": " H SR iE = 4",
"text": "EAZMWUERT, " IMETHFEAEFEER LN R INGERE. ",
"choices": [{
"entity_type": " PLIEW A — AN E T EMN FE KNG B R K. ",
"label": 1,
"entity_list": []

(RN
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(Fz E70)
oo A
"entity_type": "TH M L — AN BT EMFR CMBFERK. ",
"label": O,
"entity_list": []
Foo A
"entity type": "REHE W H: — AN BT EMNFE NG EREK. ",
"label": 0,
"entity_list": []
1y
"id": 0
}
5 3Y4 YT
{
"task_type": "4 K £ 4",
"subtask_type": "i& X ILE",
"text": "FEHBTHRERREFEHTEMEH",
"choices": [{
"entity type": " f2IE 4 M AT AL A B E B A,
"label": 1,
"entity_list": []
Foo A
"entity_ type": " DL A oy RW % A BB OB B A,
"label": O,
"entity_list": []
Pl
"id": 0
}
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HEES

XHFAHEUT S, label 7 B2 Joa

SciEiR 5

"task_type": "i Bl 4,
"subtask_type": "L KiE G,

"text":
YNENA, BARTAEANREABAFAR, SAR KU HABLE W HETRRE P,
"choices": [{
"entity_type": "Hidt",
"label": 0,
"entity_list": [{
"entity name": " & & ",
"entity type": "Hi 4",
"entity idx": [
[15, 16]
]
H
H
"entity type": " fFALA",
"label": O,
"entity_list": []
oo A
"entity type": "® ¥ & 1",
"label": 0,
"entity list": []
oo A
"entity type": " A4 4",
"label": 0,
"entity_list": [{
"entity_name": "% /N ZE ",
"entity_type": " A4 4",
"entity_ idx": [
(0, 2]
]
+
by
"id": 0
}
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FE{FHHE

"task_type": " Bl {E &

"
’

"subtask_type": "I {4 4 B ",

"text": "/ KO HH B, 6GB+128GBH T 200,

"choices": [{
"entity_type":
"label": 0,

" T,

HAwa KFEsE"

"entity_list": []
oo A
"entity_type": " [ () & B4 7,
"label": O,
"entity_list": []
b A
"entity_type": "[&UH E N4,
"label": O,
"entity list": [{
"entity_name": "/ k9",
"entity_type": "[&{} fy [ M4,
"entity_idx": [
[0, 2]
]
b A
"entity name": " /) k9",
"entity_type": "[& ) &y [,
"entity_idx": [
[0, 2]
]
H
oo A
"entity_type": "[& &y U iE AT,
"label": 0,
"entity_list": []
Hy
nid": 0
}
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fHER A

"task_type": "4 Bl &,
"subtask_type": " Bl A ] i #E @,
"text":

S"HE2014FTALE, EHTFAD M A1381069A, EEEENARKT, WABRIEMNE ZAMT . ©2FHA

SFLPMTHEG MY, REEHHREE-
SEPZREME_RESRERTH, Apaoez723, ZHTFRMMNNE LN, WEFEMEHIE. X

"

"choices": [{
"entity_type": "R T ETRE, X XAFANABRLHEITECLELERL 7",
"label": 0,
"entity_list": [{
"entity_name": "4 4 L K & &,
"entity_ idx": [
[153, 158]
]
]
Foo A
"entity type": "ENAMEFHITF, BN EFHITFUFERANEKR?",
"label": 0,
"entity_list": [{
"entity name": "% [H g £ ",
"entity_didx": [
[135, 138]
1
]
P A
"entity_type": "HEXE T AWM T HF, FHAXFELH -7,
"label": O,
"entity list": [{
"entity name": "% /\ ",
"entity_ idx": [
[33, 34]
]
]
Pl
"id": 0
}

R R A T
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1.19.7 5|H Citation

MR EAE R TAE P TIRRATAROBIAL, WTAT I HBA TR HZA LR85

If you are using the resource for your work, please cite the our paper for this model:

@article{fengshenbang/ubert,
author = {Jun¥Yu Lu and
Ping Yang and
Jiaxing Zhang and
Ruyi Gan and

Jing Yang},

title = {Unified {BERT} for Few-shot Natural Language Understanding},
journal = {CoRR},
volume = {abs/2206.12094},

year = {2022}

AR AR TAR R O T 3RATROREAY, LRI A I FATR e

If you are using the resource for your work, please cite the our overview paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT PAG AT 14 3

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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Fengshenbang-LM, A {ThR= 1.0

1.20 Erlangshen-ZEN1-224M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.20.1 &4} Brief Introduction

HTAEH NLU 455, [T N-gram it an SOARE S, 2.24 {245/ ZENI

ZEN1 model, which uses N-gram to enhance text semantic and has 224M parameters, is adept at NLU tasks.

1.20.2 #4533 Model Taxonomy
1.20.3 #ZEJ{EE Model Information

FATHZEN FIEAE, SHFATAEMIESE, JFIR%AR T ZENL B, B4R, @5 AJohE 2] ik
By RiiR . ZEN Gl N-gram J7ykaf ) AR SCARLEZAF R . ZENT ] DU (7R B/ INE R (IR 5037 5+

RTINS RAFRY R RES at . 20, FRATRF4AZES ZEN BIBA—EHRE PLM Witk FH4em NiEE
55 AP RE

We open source and publicly release ZEN1 using our Fengshen Framework in collaboration with the ZEN team. More
precisely, by bringing together knowledge extracted by unsupervised learning, ZEN learns different textual granularity
information through N-gram methods. ZENI can obtain good performance gains by training only on a single small
corpus (low-resource scenarios). In the next step, we continue with the ZEN team to explore the optimization of PLM

and improve the performance on downstream tasks.

T3 8 Performance
4144 Classification
TS5 Extraction
1.20.4 {EF Usage

EE Tt Download Address

Huggingface #bdik: Erlangshen-ZEN1-224M-Chinese
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https://github.com/IDEA-CCNL/Fengshenbang-LM
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https://github.com/sinovation/ZEN
https://github.com/sinovation/ZEN
https://huggingface.co/IDEA-CCNL/Erlangshen-ZEN1-224M-Chinese

Fengshenbang-LM, A {ThR4 1.0

In#;iEE Loading Models
[y transformers i HUZ A ZENT A AL ZLES M1, BT DAVR AT PATEFRAT] ¥ Fengshenbang- LMt #8313 Hiz4T
.

Since there is no structure of ZEN1 in transformers library, you can find the structure of ZEN1 and run the codes in

Fengshenbang-LM.

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git

from fengshen.models.zenl.ngram_utils import ZenNgramDict
from fengshen.models.zenl.tokenization import BertTokenizer
from fengshen.models.zenl.modeling import ZenForSequenceClassification,.

—ZenForTokenClassification

pretrain_path = 'IDEA-CCNL/Erlangshen-ZEN1-224M-Chinese'

tokenizer = BertTokenizer.from_ pretrained(pretrain_path)
model_classification = ZenForSequenceClassification.from pretrained(pretrain_path)
model_extraction = ZenForTokenClassification.from_pretrained(pretrain_path)

ngram_dict = ZenNgramDict.from_ pretrained(pretrain_path, tokenizer=tokenizer)

ARAT AR J5 B S RASF AT I A A R4 7 31 o
You can get classification and extraction examples below.
/32 classification example on fengshen

1 H extraction example on fengshen

1.20.5 5| Citation

IR EHE R TAEP G 7T HRATHOBAL, WA HFA TR XHZAL L 18 3

If you are using the resource for your work, please cite the our paper for this model:

@inproceedings{fengshenbang/zenl,

author = {Shizhe Diao and

Jiaxin Bai and
Yan Song and
Tong Zhang and
Yonggang Wang},
title

{{ZEN:} Pre-training Chinese Text Encoder Enhanced by N-gram.
—Representations},

booktitle = {{EMNLP} (Findings)},

series = {Findings of {ACL}},
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https://github.com/huggingface/transformers
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://github.com/huggingface/transformers
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://github.com/IDEA-CCNL/Fengshenbang-LM/blob/main/fengshen/examples/zen1_finetune/fs_zen1_tnews.sh
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Fengshenbang-LM, A {ThR= 1.0

(% L0
volume = {{EMNLP} 2020},
pages = {4729--4740},
publisher = {Association for Computational Linguistics},
year = {2020}
}
MR BAE R TAE PR T 3RATHORIEL, LRI AG T FRATTAY e 5
If you are using the resource for your work, please cite the our overview paper:
@article{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—Gao and Ziweil Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT | BATTR 190

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},

howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

1.21 Erlangshen-ZEN2-668M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

1.21. Erlangshen-ZEN2-668M-Chinese
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Fengshenbang-LM, A {ThR4 1.0

1.21.1 {4} Brief Introduction

HTAEH NLU LSS, T N-gram i 1458 SCATE 3, 6.68 LS4kt ZEN2

ZEN?2 model, which uses N-gram to enhance text semantic and has 668M parameters, is adept at NLU tasks.

1.21.2 %43 Model Taxonomy
1.21.3 #ZEJ{S 2 Model Information

FATSZEN FIEAE, SHFATAEMIESE, JFIRAA T ZEN2 B8, BT, il 5| ATk 2~ dhi
AR, ZEN dlad N-gram J57A57 2 R A Y SCAORLEER B, . ZEN2 {1 Y ROMURSEEIH SR FNARR SR 1 )11 5 S
Xf N-gram JE5Rapd asdEATH0NNSR. F—2, FATIFAREL S ZEN HI\—EHRER PLM 114k, 5w TifE
S5 IERE.

We open source and publicly release ZEN?2 using our Fengshen Framework in collaboration with the ZEN team. More
precisely, by bringing together knowledge extracted by unsupervised learning, ZEN learns different textual granularity
information through N-gram methods. ZEN2 pre-trains the N-gram-enhanced encoders with large-scale datasets and
special pre-training strategies. In the next step, we continue with the ZEN team to explore the optimization of PLM and

improve the performance on downstream tasks.

T34 Performance

5 P15 Classification
WUT4% Extraction

1.21.4 {EH Usage

EEIT &bk Download Address

Huggingface Hiitil: Erlangshen-ZEN2-668M-Chinese

IngEiE % Loading Models
Py transformers [ H @ 3347 ZEN2 M RIBE L EE R Y, B DAPRHT AZEF AT T Fengshenbang- LM 4k 2 I Haz AT
(WD

Since there is no structure of ZEN2 in transformers library, you can find the structure of ZEN2 and run the codes in

Fengshenbang-LM.

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
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Fengshenbang-LM, A {ThR= 1.0

from fengshen.models.zen2.ngram_utils import ZenNgramDict
from fengshen.models.zen2.tokenization import BertTokenizer
from fengshen.models.zen2.modeling import ZenForSequenceClassification, .

—ZenForTokenClassification

pretrain_path = 'IDEA-CCNL/Erlangshen-ZEN2-668M-Chinese'

tokenizer = BertTokenizer.from_pretrained(pretrain_path)
model_classification = ZenForSequenceClassification.from_pretrained(pretrain_path)
model_extraction = ZenForTokenClassification.from_pretrained(pretrain_path)

ngram_dict = ZenNgramDict.from pretrained(pretrain_path, tokenizer=tokenizer)

PRAT AR J5 S SRA AT I A 40 7 B3 o
You can get classification and extraction examples below.
/124 classification example on fengshen

FHU extraction example on fengshen

1.21.5 5| Citation

AR EHE R TAE PG T HRATHOBIAY, WTAT I HBA TR XHZA L 18 30

If you are using the resource for your work, please cite the our paper for this model:

@article{Sinovation2021ZEN2,
title="{ZEN 2.0: Continue Training and Adaption for N-gram Enhanced Text Encoders}",
author={Yan Song, Tong Zhang, Yonggang Wang, Kai-Fu Lee},
journal={arXiv preprint arXiv:2105.01279},
year={2021},

QR ARG AR U T JATRREY, ] DAS HFATAY S5

If you are using the resource for your work, please cite the our overview paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._
—Intelligence},

journal = {CoRR},
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https://github.com/IDEA-CCNL/Fengshenbang-LM/blob/main/fengshen/examples/zen2_finetune/fs_zen2_large_tnews.sh
https://github.com/IDEA-CCNL/Fengshenbang-LM/blob/main/fengshen/examples/zen2_finetune/ner_zen2_large_ontonotes4.sh
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR4 1.0

(% L0

volume {abs/2209.02970},
year = {2022}

AT AT | FATTR 190

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-1LM}},
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https://github.com/IDEA-CCNL/Fengshenbang-LM/
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CHAPTER 2

B % 51

2.1 Wenzhong-GPT2-3.5B

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

2.1.1 &4y Brief Introduction

FH AP NLG LS5, Hujsmkm, H3Ci GPT2

Focused on handling NLG tasks, the current largest, Chinese GPT2.

2.1.2 {&E#4r3€ Model Taxonomy
2.1.3 EZI{E 2 Model Information

KT R DASRAS AR A R E S R /AR GPT AR, I FLW b SR . HpH, x4
HUPNA 30 Z M8 35 122480, X HJFAN) GPT2-XL AR5 k.. FoATLE 100G ) /b SCiEkl B, X IHEE
T 324~ NVIDIA A100 2R K& 28 /hif. JRRATArA, & H aiic K S GPT 44,

To obtain a robust unidirectional language model, we adopt the GPT model structure and apply it to the Chinese corpus.
Specifically, this model has 30 decoder layers and 3.5 billion parameters, which is larger than the original GPT2-XL. We
pre-train it on 100G of Chinese corpus, which consumes 32 NVIDIA A100 GPUs for about 28 hours. To the best of our

knowledge, it is the largest Chinese GPT model currently available.
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https://fengshenbang-doc.readthedocs.io/

Fengshenbang-LM, A {ThR4 1.0

2.1.4 {#f Usage

EEIT ik Download Address

Huggingface #bfil-: Wenzhong-GPT2-3.5B

Ing;{EE Loading Models

from transformers import GPT2Tokenizer, GPT2Model

tokenizer = GPT2Tokenizer.from_pretrained('IDEA-CCNL/Wenzhong-GPT2-3.5B")
model = GPT2Model.from_pretrained('IDEA-CCNL/Wenzhong-GPT2-3.5B")

text = "Replace me by any text you'd like."

encoded_input = tokenizer (text, return_tensors='pt')

output = model (**encoded_input)

{Ef7~%| Usage Examples

from transformers import pipeline, set_seed
set_seed (55)
generator = pipeline('text-generation', model='IDEA-CCNL/Wenzhong-GPT2-3.5B")

generator ("4t % £ T ", max_length=30, num_return_sequences=1)

2.1.5 5| Citation

R BAERR TAE R M T IRATHORRY, AT | AT 5

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT BATT R 190
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https://huggingface.co/IDEA-CCNL/Wenzhong-GPT2-3.5B
https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/

Fengshenbang-LM, A {ThR= 1.0

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

2.2 Wenzhong-GPT2-110M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs
2.2.1 &4} Brief Introduction
FEFAL P NLG A£4%, 3R GPT2-Small,
Focused on handling NLG tasks, Chinese GPT2-Small.
2.2.2 {E#I45 3 Model Taxonomy

2.2.3 #EZEI{z B2 Model Information

21} F Wenzhong2.0-GPT2-3.5B-chinese, TSP T —4> small iR 4<AY 12 J2H) Wenzhong-GPT2-110M, - H.
R (300G fiiAs) b i,

Similar to Wenzhong2.0-GPT2-3.5B-chinese, we implement a small size Wenzhong-GPT2-110M with 12 layers, which

is pre-trained on Wudao Corpus (300G version).

2.2.4 {#H Usage

BRI &bl Download Address

Huggingface Hiihik: Wenzhong-GPT2-110M

2.2. Wenzhong-GPT2-110M 63



https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://huggingface.co/IDEA-CCNL/Wenzhong-GPT2-110M

Fengshenbang-LM, A {ThR4 1.0

In#;iEE Loading Models

from transformers import GPT2Tokenizer, GPT2LMHeadModel
hf_model_path = 'IDEA-CCNL/Wenzhong-GPT2-110M'
tokenizer = GPT2Tokenizer.from_pretrained (hf_model_path)

model = GPT2LMHeadModel.from_pretrained(hf_model_path)

{Ef~%l Usage Examples

question = "JquE Z HE @

inputs = tokenizer (question,return_tensors='pt')

generation_output = model.generate (**inputs,
return_dict_in_generate=True,
output_scores=True,
max_length=150,
# max_new_tokens=80,
do_sample=True,
top_p = 0.6,
# num_beams=5,
eos_token_id=50256,
pad_token_id=0,

num_return_sequences = 5)

for idx,sentence in enumerate (generation_output.sequences) :

print ('next sentence :\n'%idx,
tokenizer.decode (sentence) .split ('<|endoftext|>")[0])

print ('*'*40)

2.2.5 5|/ Citation

W EAE R TAE R G T RATHRIRY, AT AS | HFRATHIE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

EETI0
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https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR= 1.0

(% L0
journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT PAG AT 14

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

2.3 Wenzhong2.0-GPT2-3.5B-chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

2.3.1 &4} Brief Introduction

BT BRI mIg, T4 NLG 255, HniHmckry, 30 GPT2,

Pretraining on Wudao Corpus, focused on handling NLG tasks, the current largest, Chinese GPT2.

2.3.2 {E&I45 3 Model Taxonomy

2.3.3 #ZEI{z B2 Model Information

N T AT PABRAR AR B A T SR, FRATTR T GPT REZUEE A, I ELW T A 3Gk E o 25T Wenzhong-
GPT2-3.5B, XMREAUHA 30 2L 35 (LS4, X HEAR) GPT2-XL b %k ARME, HALXA
BERAETRIE (300G JiiAS) iR EREATHISE. SFRATITA, € HalfcoRi 30y GPT KA,

To obtain a powerful unidirectional language model, we adopt the GPT model structure and apply it to the Chinese corpus.
Similar to Wenzhong-GPT2-3.5B, this model has 30 decoder layers and 3.5 billion parameters, which is larger than the
original GPT2-XL. The difference is that we pre-trained this model on the Wudao (300G version) corpus. To the best of

our knowledge, it is the largest Chinese GPT model currently available.
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Fengshenbang-LM, A {ThR4 1.0

2.3.4 {# Usage

EEIT ik Download Address

Huggingface #ilik: Wenzhong2.0-GPT2-3.5B-chinese

Ing;{EE Loading Models

from transformers import GPT2Tokenizer, GPT2Model

tokenizer = GPT2Tokenizer.from_pretrained('IDEA-CCNL/Wenzhong2.0-GPT2-3.5B-chinese’)
model = GPT2Model.from_pretrained (' IDEA-CCNL/Wenzhong?2.0-GPT2-3.5B~chinese"')

text = "Replace me by any text you'd like."

encoded_input = tokenizer (text, return_tensors='pt')

output = model (**encoded_input)

{Ef7~%| Usage Examples

from transformers import pipeline, set_seed

set_seed (55)

generator = pipeline('text-generation', model='IDEA-CCNL/Wenzhong2.0-GPT2-3.5B-chinese
o)

generator ("4t (L T ", max_length=30, num_return_sequences=1)

2.3.5 | Citation

R BAE R TAE R G T FRATHRIRY, T AS | FRATHIE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
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https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR= 1.0

AT DAG | FATE (4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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Fengshenbang-LM, A {ThR4 1.0
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CHAPTER 3

KAKT 2 5

3.1 Randeng-BART-139M-SUMMARY

¢ Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs
3.1.1 &4} Brief Introduction
T AP EAT S5, AE— P SRR A ERORIS R, SR BART-base.,

Good at solving text summarization tasks, after fine-tuning on a Chinese text summarization dataset, Chinese BART-base.

3.1.2 {&E#4r3€ Model Taxonomy
3.1.3 EZ&I{E 2 Model Information

HFRandeng-BART-139M, FRATHEUAERT 1 A SCEIISR A SCA S 28l 48 (LCSTS) L 7 e, 58T
summary fZ7A .

Based on JFRandeng-BART-139M, we fine-tuned a text summarization version (summary) on a Chinese text summa-
rization datasets (LCSTS).
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Fengshenbang-LM, A {ThR4 1.0

3.1.4 {#f Usage

EEIT ik Download Address

Huggingface Hiifil:: Randeng-BART-139M-SUMMARY

INEKIER Loading Models

from transformers import BartForConditionalGeneration, AutoTokenizer,.
—Text2TextGenerationPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Randeng—BART-139M-SUMMARY ")
model=BartForConditionalGeneration.from pretrained('IDEA-CCNL/Randeng-BART-139M~
< SUMMARY ')

text =

Clsummary: AL RAR L UM AR T AT HARBH TR EY, PERAFAZREAEM. RELBX! 4R LS
-90%. AL2HEFFHLE=. TR, 2EZREXRTANNAR, EETZ. F_P, AZRABARXE =
—98% . MA: BETHEXZ, S| ZF _RAREBANERLT, 2ZRWEES, FZ2HWRRKXE, &
—234 0 R E, FL2MEFLRE, FRRFLONET. WA FRLERRLAZREX, !

v
—

text2text_generator = Text2TextGenerationPipeline (model, tokenizer)

print (text2text_generator (text, max_length=50, do_sample=False))

3.1.5 5|H Citation

AR BEAE S TR A T HATHOBEAL, W] RAG AT

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
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3.2 Randeng-BART-139M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.2.1 &4} Brief Introduction

FHFALHNLT 155, SO BART-base,

Good at solving NLT tasks, Chinese BART-base.

3.2.2 {E#I45 3 Model Taxonomy

3.2.3 #ZJ{z 2 Model Information

Z2 153 BART: Denoising Sequence-to-Sequence Pre-training for Natural Language Generation, Translation, and

Comprehension

N TARE] A SR BART-base, FATHIHE TR (180G A SEATHONGR. FikH, FATERIIGRH
B () T BRI S RARAE 9% T 8 5K A100 £ 3 K,

To get a Chinese BART-base, we use WuDao Corpora (180 GB version) for pre-training. Specifically, we use the fengshen
framework in the pre-training phase which cost about 3 days with 8 A100 GPUs.

T Z{E 8 More Information

BART BLAUAEJFIE SCHR AT T 5 it Denoise (977 20, FATHEFUIZRAGI R 18 SC A RCR OB text infilling
W7o [RIRE R SO R L, FRATTAEH sentence piece tokenizer, {JARHEAY . B SCA Y 2L 1 fE
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3.24 {#f Usage

EEIT ik Download Address

Huggingface Hiifil:: Randeng-BART-139M

INEKIER Loading Models

X4y transformers 'K BartTokenizer /s 37 13 sentence piece, AT LA BLAE Y42 T5Tokenizer, 7E{# 75275 4]
B TFshishn <s> (bos_token) ~ A

from transformers import BartForConditionalGeneration, AutoTokenizer,.
—Text2TextGenerationPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Randeng-BART-139M', use_fast=false)
model=BartForConditionalGeneration.from_pretrained (' IDEA-CCNL/Randeng-BART-139M")

text = '"<s>AE M T E M F E L <mask> , ¥ H K A W <mask>"'

text2text_generator = Text2TextGenerationPipeline (model, tokenizer)

print (text2text_generator (text, max_length=50, do_sample=False))

3.2.5 wnfFfEill%kE SaY BART 25

FATINGARRS . NGB ARERCTFIR, AT PATEfengshen/examples/pretrain_bart3% 5],

HiETahE

AT AR B i K2 BRI B O g B e A) . i — N AR sample 411°F

(&', "M, &, "TRAY, "®WEAR', "XT', '3, tava', "W, "HW', &',
‘—"%5%'1 'EJE'I 'é#z;'l 'ﬁﬁ'l 'I'I ’E#k'l 'E'I ’ﬁ'l 'éé%\'l "ﬁi\', 'k%'l éj\g !

—"'1,

C_Ttwm, K, g, e E, XK, CHEY, TEERY, TR, B, HEE,
- _HL, v, "R mEr, g, XK, CHE', "RER, CRRT, TR, "HE,
"W R, &, LE, 1008, CHEY, CRE, ‘1, L, CHEAEY, x, 'L, THHY,
- 'a', "HR&, THEY, A&, 0 AH, T, e ']

A, ERY, VA, BB, AR, KR, BT, TXRY, A, TREARY, EY,
' HEE, CREE', O, VEY, HE, TR, o, L, TH, ar, TREY, TR, TE
~'y AR, '8, &, IR, O, TEE, CEAY, TEY, EY, ' EY, TEIRY, T,
SR, "®mRW, "', "¥&', '(', "AE', 'iphone', 'Lk, ',', 'a', "H&E', "EE',
—~'h', 're', '£', ‘@', "@E', "H', ®, I, F, R, CEFH, D).,

o, TE#mw, "HXR, "EHK, 'a', "HKE', 'h', 're', '£', "B, "H@w, &', "H',

EET )

~

72 Chapter 3. #ITZ %I



https://huggingface.co/IDEA-CCNL/Randeng-BART-139M
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/hf-ds/fengshen/examples/pretrain_bart

Fengshenbang-LM, A {ThR= 1.0

(B L3
LR, A, E, ERY, L, TREY, e, ti, _at, 'hv, tret, £, =,
Gty eomt, N, VEREY, CGBY, val, R, VE, CRAY, B, HE, CHA
raction', H', ., TR, B, CRBE, 't texc, 'XA', TH', CHET,
G T, e, Lt B, taction', VMY, VWA, VA, BB, CEAH, o,
L
['_str', 'ing', '_m', 'sg', '="', ‘@', '#%', ':', 'a', '_h', 're', '£', '=', '_I A
L', "4, 'we', 'ix', 'in', '.', 'do', '2'],
['_act', 'ion', '=', 'xx', 'x', '&', 'a', '=', ‘'2', ‘'_', ‘Ekr, vE&Er, vra', 'v;']]

A i R B 2 i AP R S0nT PAYE TexctFillingCollator H14% 3] .

R fE

AP Bty BE ehscript A, R BRI S A S Il 2R3 ATH BART,
KSR E D A4

BEXS K, T ERMT R KHE EBatche
~Sized 2 ¥, EEEEANFREAFEEIEE, BABRIEETALENIFE.

DATA_ARGS="\
—--datasets_name wudao_180g_spbpe_tokenized \
—--pretrain_sp_tokenizer /cognitive_comp/common_data/tokenizers/sentence_piece_

—bpe/bpe_v40000_s42_cov0.9995_max6_corpusiM.model \
——num_workers 30 \

——train_batchsize $MICRO_BATCH_SIZE \
——val_batchsize 32 \

—-—test_batchsize 32 \
—--max_seq_length 1024 \
—-masked_lm_prob 0.15 \
——val_datasets_field test \

BAH 54 Amodel_path B 8 R B, T % # & {IHuggingface W HE AR E , £ L@ # % % .

learning_rate., weight_

—decayix 6 & H W B B E T Deepspeedft B, £ MDeepspeed iy Bt & & 3k BL .

MODEL_ARGS="\
--model_path IDEA-CCNL/Randeng-BART-139M \
-—learning_rate le-5 \
—--weight_decay 0.1 \
—-warmup 0.001 \
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BARFREH, AFPIUREECFERR

MODEL_CHECKPOINT_ARGS="\
—-monitor train_loss \
-—save_top_k 3 \
—-mode min \
—--save_last \
—-—every_n_train_steps 50000 \
——dirpath /cognitive_comp/gaoxinyu/ln_model/ckpt/fengshen—-$MODEL_NAME \
——filename model-{step:02d}-{train_loss:.4f} \

NHEAEXE S5, KETUREECHIAZFE, # Fgpus, nodes, strategy% %, W R {# fDeeps
export PL_DEEPSPEED_CONFIG_PATH=S$config_json

TRAINER_ARGS="\

--gradient_clip_val 1.0 \

—--max_epochs 1 \

-—gpus 1 \

——num_nodes 1 \

——-strategy deepspeed_stage_1 \

--log_every_n_steps 100 \

——val_check_interval 0.1 \

—-—accumulate_grad_batches 1 \

—-resume_from_checkpoint /cognitive_comp/gaoxinyu/ln_model/ckpt/fengshen-$
<+{MODEL_NAME }/last.ckpt \

—-—default_root_dir /cognitive_comp/gaoxinyu/ln_model/fengshen-$MODEL_NAME \

3.2.6 tNfa#{T TiFES

X BHFRATFLAEA T BART i summary {T: 55 1R B o ACRS AR [RIARE IR T o
TEA AR ZAE 2 LSCTC £di iy ki R W]

3.2.7 5| Citation
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You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.3 Randeng-BART-759M-Chinese-BertTokenizer

* Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.3.1 &4} Brief Introduction

H AP NLT AL55, flJ1 BERT Jpialds, KU H SRR BART,

Good at solving NLT tasks, applying the BERT tokenizer, a large-scale Chinese BART.

3.3.2 {E#&I453 Model Taxonomy

3.3.3 ##&I{5 2 Model Information

N TAFEN A KR F SO ) BART(2) BART-large W), FATHEETERZE (180G iA) BEATHIIZ
Fiists, FATFERINZREr Berb (i 7B A HEZOMEAE S, 1 8 5Kk A100 29 7 K. {HARERERZ, B BERT
VAl AR R SUAT 55 h R B EE At i) g, B AFRATIOEA 78 AT 7 HATHON GRS+ pre-

train_randeng_bart,
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To obtain a large-scale Chinese BART (around twice as large as BART-large), we use WuDao Corpora (180 GB version)
for pre-training. Specifically, we use the fengshen framework in the pre-training phase which cost about 7 days with 8
A100 GPUs. Note that since the BERT tokenizer usually performs better than others for Chinese tasks, we employ it.

We have also released our pre-training code: pretrain_randeng_bart.

3.3.4 {#H Usage

EE T &l Download Address

Huggingface Hiifi:: Randeng-BART-759M-Chinese-BertTokenizer

Ing;EE Loading Models

from transformers import BartForConditionalGeneration, AutoTokenizer,.
—Text2TextGenerationPipeline

import torch

tokenizer=AutoTokenizer.from_pretrained (' IDEA-CCNL/Randeng-BART-759M~Chinese—
—BertTokenizer', use_fast=false)
model=BartForConditionalGeneration.from_pretrained('IDEA-CCNL/Randeng-BART—-759M~
—~Chinese-BertTokenizer')

text = '"H MR F 4 B [MASK], ¥ H MR £ [MASK]. '

text2text_generator = Text2TextGenerationPipeline (model, tokenizer)

print (text2text_generator (text, max_length=50, do_sample=False))

3.3.5 5| Citation
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You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.4 Randeng-DAVAE-1.2B-General-Chinese

* Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.4.1 {54 Brief Introduction

{#i ] 101M {7 Bert /F4 encoder, 1.1B Z%{& (1 transformer-XL /& decoder, DAIH A4 B 955 (VAE) ¥
2% AENGRPh TR IR AER R, K A embedding Jififill 4% gaussian noise F EL{YE X 4702% > Il
JER 2%, X2 DAVAE [ H R

The Variational Autoencoder (VAE) network comprises an encoder using Bert with 101M parameters and a decoder using
transformer-XL with 1.1B parameters. To make the representation more expressive, the input embedding is perturbed

with gaussian noise, and adversarial learning is used to train the posterior network, so forming the DAVAE.

3.4.2 {E#&I45 3 Model Taxonomy

3.4.3 #ZEI{z 2 Model Information

¥t $5 Corpus Preparation
* HHIETERDE (280G JiAs)
« Wudao Corpus (with 280G samples)
Bij 1 Ji5 55 i35 Avoiding posterior collapse
N TR IEAEE TR EIR R R, FATAEIN SR A AT 15t
1. ffiff] KL annealing. XIT-1F M 2%, RIHEI scheduler
2. fA free bits, P8 free bits, Mot SR IE SN
3. SRACTRAE I G| e AR H] 1] B A decoder G2 i HH 2 (52 AH
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4. 7ef A\ embedding EJlI ATESE gaussian S, 52 B TAEGE A RO T 20
5. FERAE S AR SR
We used several methods to avoid posterior collapse, as what follows,
1. Using KL annealing. A trapezoidal scheduler was used to calculate the coefficient for the regularization term.
2. Adding free-bits constraint. we chose a certain free bit to avoid getting too close to the prior in the training.
3. Strengthening the guidance of the latent vector. The latent vector was added over the hidden state of every token.
4. Adding gaussian noise to the input embedding, differing from the noising method used in previous work.

5. Adversarial training in latent space.

3.44 {EH Usage

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang-LM
pip install —--editable

import torch
from fengshen.models.DAVAE.DAVAEModel import DAVAEModel
from transformers import BertTokenizer,T5Tokenizer

device = torch.device("cuda" if torch.cuda.is_available() else "cpu")

encoder_tokenizer = BertTokenizer.from_pretrained("IDEA-CCNL/Randeng-DAVAE-1.2B-
—General-Chinese")
decoder_tokenizer = T5Tokenizer.from_pretrained ("IDEA-CCNL/Randeng-DAVAE-1.2B-General—
—Chinese", eos_token = '<|endoftext|>', pad_token = '<pad>',extra_ids=0)
decoder_tokenizer.add_special_tokens ({'bos_token':'<bos>"})
vae_model = DAVAEModel.from_pretrained("IDEA-CCNL/Randeng-DAVAE-1.2B-General-Chinese
") .to (device)
input_texts = [
MAR T RGP MR LR R B T A AL
RE T —METFELMELER SN BEESN T .,
"HATHERLAERN ETEREHEREEIN. AFASLLEF2. NHEERAF.",
]
output_texts = vae_model.simulate_batch (encoder_tokenizer,decoder_tokenizer, input_
—texts)

print (output_texts)
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@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.5 Randeng-DELLA-226M-Chinese

* Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.5.1 {54 Brief Introduction

TERE AR B T38 H FI Zk A Deep VAE B2, Hrh i 28 IR IS 450 k2 GPT-2 244, W] AR T R0
HFEY, S, TR EESS .
A deep VAE model pretrained on Wudao dataset. Both encoder and decoder are based on GPT-2 architecture. Such

model is particularly suitable for paraphrasing, semantic updating and fine-grained attributes control.

3.5.2 {#&E#4r3& Model Taxonomy

3.5.3 EZI{s 2 Model Information

2221 Reference Paper: Fuse It More Deeply! A Variational Transformer with Layer-Wise Latent Variable Inference

for Text Generation

ARG T Della 18 SCHL R PEPRETE 0] B 2044 , (ED T i e 2L B R SR J548 SCHY low-rank-tensor-product
KRBT R, TR O T 7 A St A 35 2 AL R A 7y 3. %5 2O T Itk e S i 1 A8
TE AR IE TR .

Note that although we adopted the layer-wise recurrent latent variables structure as the paper, we did not use the low-rank-

tensor-product to fuse the latent vectors to the decoder hidden states. Instead we applied a simple linear transformation

on the latent vectors and then add them to the hidden states independently.
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3.5.4 {#f Usage

# Checkout the latest Fengshenbang-LM directory and run following script under.
—Fengshenbang—-LM root directory

import torch

from torch.nn.utils.rnn import pad_sequence

from fengshen.models.deepVAE.deep_vae import Della

from transformers.models.bert.tokenization_bert import BertTokenizer

tokenizer = BertTokenizer.from_ pretrained("IDEA-CCNL/Randeng-DELLA-226M-Chinese'")
vae_model = Della.from_pretrained("IDEA-CCNL/Randeng-DELLA-226M-Chinese")
special_tokens_dict = {'bos_token': '<BOS>', 'eos_token': '<EOS>'}

tokenizer.add_special_tokens (special_tokens_dict)

sentence =

S"ABRBRABABEETHNESHVAERE , WERFREZRFAFZAABMABER. "
tokenized_text = tokenizer.convert_tokens_to_ids (tokenizer.tokenize (sentence))
decoder_target = [tokenizer.bos_token_id] + tokenized_text + [tokenizer.eos_token_id]
inputs = []

inputs.append(torch.tensor (decoder_target, dtype=torch.long))
inputs = pad_sequence (inputs, batch_first=True, padding_value=0)
max_length = 256
top_p = 0.5
top_k = 0
temperature = .7
repetition_penalty = 1.0
sample = False
device = 0
model = vae_model.eval ()
model = model.to (device)
outputs = model.model.inference (inputs.to(device), top_p=top_p, top_k=top_k, max_
—length=max_length, sample=sample,
temperature=temperature, repetition_penalty=repetition_penalty)

for gen_sent, orig_sent in zip (outputs, inputs):

print ('orig_sent:', tokenizer.decode (orig_sent) .replace(' ', ''))
print ('gen_sent:', tokenizer.decode (gen_sent) .replace(' ', '"))
print ("-"*20)
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3.6 Randeng-GAVAE-1.2B-Augmentation-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.6.1 {54 Brief Introduction

GAVAE(Generative Adversarial Varational Auto-encoder) 7E7i3)l|25 VAE £i% it a2 [a] 48 A GAN W 2%, %253
A B ] B AT XA N G, DA R S 5 SCAR IR I BI AT A J% 2 30 SCAS

GAVAE (Generative Adversarial Varational Auto-encoder) inserts a GAN model into the hidden space of the pre-trained
VAE model and performs generative Adversarial training on the hidden vectors of a small number of categories of text,

which can be used to generate that category of text after training.
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3.6.2 {#&E#4r3& Model Taxonomy

3.6.3 %Y 2 Model Information

Pretrained VAE:

IgRiERL: HEETERDE (280G fRA)

Training Corpus: Wudao Corpus (with 280G samples)
S5 . Randeng-DAVAE-1.2B-General-Chinese
Reference model:Randeng-DAVAE-1.2B-General-Chinese
GAN

AEES: TJE MLP, A e
FlE: =2 MLP, HW )& 5
R IO

Generator: five-layer MLP, generating category hidden vectors.

)
N

%
S )k o e A S A TR o

Discriminator: three-layer MLP, which determines whether the vector is a true category hidden vector or a generated

vector.

Training corpus: a small amount of categorical text.

3.6.4 {EH Usage

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang-LM
pip install --editable .

import torch

from transformers import BertTokenizer, T5Tokenizer

from fengshen.models.GAVAE.GAVAEModel import GAVAEModel

device = torch.device("cuda" if torch.cuda.is_available() else "cpu")

input_texts = [

S"EHFH - NESE, ERFAAZINENEERXREAN —K, RAKEHTUANE, T

o
— ",

S"ERERKDERHAFEH —RELORT, RESRBREZENTERET, FEAHAII P ARE

n
",

"W RA RAR~TUNERA~~FHHEEAFHN-TLEZR-~~ETH D X H~
SEFBRA-BRRAGH~~~~FHHEHR N REXUBENE~~~FELREZ R &,

BB % %M

EET I
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(€A

S"HEMBEAMHERTFIA, NELEAXET . YHEERN A HBEEASLH, ITE KF % &A1

"

WAATIE

STERZR, MARARERKDREGEZWH T, EHENEARETFE, RBROE, BAZRA2RHAER, F

FEREAKIEHRTERT . FHERH —KXHFHE,
FHRELTABMO. BRATAKDT, FRIAHELAR

o"EREFWRE LM, L FAERFN2S,
SETBHHBRABSHMETAER £LXH,

PPV ||
s ’

S"EHELARSN S EEME s ARNEEZBUMNTERMERETAHFEH MW

"
—

o

4

S"HLETREEW, TERMAGRHEEXT, EBEFFN, MEHXARLTHE, THGTTUR.

n
—

]

encoder_tokenizer

4

BertTokenizer.from pretrained ("IDEA-CCNL/Randeng-GAVAE—-1.2B—

—Augmentation-Chinese")
T5Tokenizer.from_pretrained ("IDEA-CCNL/Randeng-GAVAE-1.2B—

decoder_tokenizer

—Augmentation-Chinese", eos_token = '<|endoftext|>', pad_token = '<pad>',extra_ids=0)

decoder_tokenizer.add_special_tokens ({'bos_token':'<bos>"})

GAVAEModel . from_pretrained ("IDEA-CCNL/Randeng-GAVAE-1.2B-Augmentation—

gavae_model
—Chinese") .to (device)

gavae_model.train_gan (encoder_tokenizer,decoder_tokenizer, input_texts)
#n:l B EALKE

gavae_model .generate (n=5)

texts

EH R WK
"’A R,

NN 8

print (texts)
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If you are using the resource for your work, please cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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3.7 Randeng-MegatronT5-770M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs
3.7.1 &4y Brief Introduction
HEF AP NLT AL55, S0 TS-large.

Good at solving NLT tasks, Chinese T5-large.

3.7.2 #&E#4r3 Model Taxonomy
3.7.3 {&E&I{= 8 Model Information

N TAFE AR SR TS, FATHEH T Megatron-LM {5 IAMITFE TERHE (180G Jit4s) M Hiil
Yio FAM, FATERUIGRGBOH G T EHHEARARAE S T 16 5K A100 25 14 K.,

To get a large-scale Chinese TS5, we use of Megatron-LM and WuDao Corpora (180 GB version) for pre-training. Specif-
ically, we use the fengshen framework in the pre-training phase which cost about 14 days with 16 A100 GPUs.

3.7.4 {E£H Usage

ERITE i Download Address

Huggingface Hiifil:: Randeng-MegatronT5-770M

InEEE Loading Models
fytransformers ) W2 V%4 Zhouwenwang-Unified-1.3B A 3¢ (AT ZEAG 1), BT AR AT PAXEFR AT 18 Fengshenbang-
LM 3838091 Hazf A0 .

Since there is no structure of Randeng-MegatronT5-770M in transformers library, you can find the structure of Randeng-

MegatronT5-770M and run the codes in Fengshenbang-LM.

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git

from fengshen import TS5ForConditionalGeneration
from fengshen import TS5Config

from fengshen import TS5Tokenizer

EET )
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(€AY

tokenizer = T5Tokenizer.from_pretrained('IDEA-CCNL/Randeng-MegatronT5-770M")
config = T5Config.from_pretrained('IDEA-CCNL/Randeng-MegatronT5-770M")
model = TS5ForConditionalGeneration.from_pretrained('IDEA-CCNL/Randeng-MegatronT5-770M

)

ZFTPAELHERT R ERAE R R TS 4514 Randeng-MegatronT5-770M #4%4 2 BT Megatron HEF7YIZRAY, 1
Megatron [ TS #H14]i#4 5 HuggingFace ) T5 BIRESHA MR XA, A BEELH 1] HuggingFace f) TS 52
BTN T EMAGER) fengshen IEQLG A, 75 204F fengshen JAEVRIY TAESCM . SAZIE, RIA]
AT T B A< A HuggingFace "I 25 il 2800 B4 -

{7~ %l Usage Examples

1. 4B finetune 71 3l A< fengshen/scripts/finetune_classification.shH ) model_type F1 pretrained_model_path
SR, HAthan batch_size. data_dir ZESE TR H O &5

MODEL_TYPE=fengshen-megatron_t5
PRETRAINED_ MODEIL_PATH=IDEA-CCNL/Randeng-MegatronT5-770M

2. Wmisfr:

sh finetune_classification.sh

4 R {E 5 =B Generation Examples

from fengshen import TSForConditionalGeneration

from fengshen import TS5Tokenizer

tokenizer = T5Tokenizer.from_pretrained('IDEA-CCNL/Randeng-MegatronT5-770M")
model = T5ForConditionalGeneration.from_pretrained('IDEA-CCNL/Randeng-MegatronT5-770M

")

output = model.generate (tokenizer.encode (tokenizer.encode (' 4k & & ¥ [# # <extra_id 0>
—")))

print (tokenizer.decode (output))
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.
—~Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

HLRT AT AT 4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.8 Randeng-Pegasus-238M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.8.1 &4 Brief Introduction

ET PG EAL S, U PAGASUS-base,

Good at solving text summarization tasks, Chinese PAGASUS-base.
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3.8.2 {#&E#4r3 Model Taxonomy

3.8.3 #EZE¥{s 2 Model Information

£ 153 PEGASUS: Pre-training with Extracted Gap-sentences for Abstractive Summarization

KT TS B B AT S, ARG PEGASUS By ke Il i ST A . AT TR TE R (180G
J5A) VR TN A S . eAh, 25 &3 b 3 sentence piece AERiE , FfT7E Randeng-PEGASUS i [m] i 1] T
25 43R F BERT 4058, FoATHLE 4L large (MR 4% : IDEA-CCNL/Randeng-Pegasus-523M-Chinese. PAK, F&
T FRAL T HE e SR A RO UAS © Randeng-Pegasus-238M-Summary-Chinese,

To solve Chinese abstractive summarization tasks, we follow the PEGASUS guidelines. We employ a version of WuDao
Corpora (180 GB version) as a pre-training dataset. In addition, considering that the Chinese sentence chunk is unstable,
we utilize jiebaand BERT tokenizer in our Randeng-PEGASUS. We also provide a large size version, available with IDEA-
CCNL/Randeng-Pegasus-523M-Chinese. And, we also provide a version after fine-tuning on Chinese text summarization

datasets: Randeng-Pegasus-238M-Summary-Chinese.

3.8.4 {#f Usage

EEIT it Download Address

Huggingface Hiifil:: Randeng-Pegasus-238M-Chinese

INEIEE Loading Models

from transformers import PegasusForConditionalGeneration

# Need to download tokenizers_pegasus.py and other Python script from Fengshenbang—LM.
—glithub repo in advance,

# or you can download tokenizers_pegasus.py and data_utils.py in https://huggingface.

—co/IDEA-CCNL/Randeng_Pegasus_238M/tree/main

# Stronly recomend you git clone the Fengshenbang—-LM repo:

# 1. git clone https://github.com/IDEA-CCNL/Fengshenbang—LM

# 2. cd Fengshenbang-LM/fengshen/examples/pegasus/

# and then you will see the tokenizers_pegasus.py and data_utils.py which are needed.

—by pegasus model

from tokenizers_pegasus import PegasusTokenizer

model = PegasusForConditionalGeneration.from_pretrained ("IDEA-CCNL/Randeng-Pegasus—
«238M-Chinese")

tokenizer = PegasusTokenizer.from_pretrained("IDEA-CCNL/Randeng-Pegasus-238M-Chinese")

text =
S"EMEAARET “RE” RE, 48 LFI0ALAE, YEARZREHWRAENAREET F I LiEAH

&)
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(€M)

CHFMBERSARAARRLERAEANS A ERARGEALBALNZ A"

inputs = tokenizer (text, max_length=512, return_tensors="pt")

# Generate Summary

summary_ids = model.generate (inputs|["input_ids"])

tokenizer.batch_decode (summary_ids, skip_special_tokens=True, clean_up_tokenization_
—spaces=False) [0]

# model output: # kW B B 98, &% b x5 1E 4 -
SHFRBEERFARAARARLEGEBEANN L AR REARNMEELEBEALALAZEA
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and._
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

LT PAG AT 4

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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3.9 Randeng-Pegasus-238M-Summary-Chinese
¢ Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs

3.9.1 &4 Brief Introduction

T AP EAT S5, AERC T SRR A ERORIS R, SR PAGASUS-base.,

Good at solving text summarization tasks, after fine-tuning on multiple Chinese text summarization datasets, Chinese
PAGASUS-base.

3.9.2 {&E#4r3& Model Taxonomy

3.9.3 #ZEI{z &2 Model Information

22 1 PEGASUS: Pre-training with Extracted Gap-sentences for Abstractive Summarization

HFRandeng-Pegasus-238M-Chinese,, FRATFEURERRT 7 A~ SO SCAH ARG EE (29 AM AMREAR) i
TE, 537 summary 4., X 7 MRS N education, new2016zh, nlpce, shence, sohu, thucnews #1 weibo.

Based on Randeng-Pegasus-238M-Chinese, we fine-tuned a text summarization version (summary) on 7 Chinese text
summarization datasets, with totaling around 4M samples. The datasets include: education, new2016zh, nlpcc, shence,

sohu, thucnews and weibo.

TiE34E Performance
3.94 {Ef Usage

EET & Download Address

Huggingface Hifi:: Randeng-Pegasus-238M-Summary-Chinese

In#iEE Loading Models

from transformers import PegasusForConditionalGeneration,BertTokenizer

# Need to download tokenizers_pegasus.py and other Python script from Fengshenbang-LM.
—github repo in advance,

# or you can download tokenizers_pegasus.py and data_utils.py in https://huggingface.
—co/IDEA-CCNL/Randeng_Pegasus_523M/tree/main

# Strongly recommend you git clone the Fengshenbang-LM repo:

EET D)
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# 1. git clone https://github.com/IDEA-CCNL/Fengshenbang—LM
# 2. cd Fengshenbang-LM/fengshen/examples/pegasus/
# and then you will see the tokenizers_pegasus.py and data_utils.py which are needed.

—by pegasus model

from tokenizers_pegasus import PegasusTokenizer

model = PegasusForConditionalGeneration.from_pretrained ("IDEA-CCNL/Randeng-Pegasus-—
—238M-Summary—-Chinese")
tokenizer = PegasusTokenizer.from_pretrained("IDEA-CCNL/Randeng-Pegasus—238M-Summary—

—Chinese")

text =
STELFARQEHARTLTHEARBRTAEFY, PEHLEFLZRSLRER. AL ZR! 4REF, A B4
—90% ., L2 FHFHLF=. THAIFE, FEZRXB T MAR, EETZ. F Y, FZRAEEARE =
~984 . MA: HREATHRXA, 4wk EF %A REEAWERLT, 2ZRTWEES, FZ2WRRAE, &
<2340 WRLE, KRN EFLH, AZRFIOEEYT. MA: FUREHERLEZRER, !

—

inputs = tokenizer (text, max_length=1024, return_tensors="pt")

# Generate Summary
summary_ids = model.generate (inputs["input_ids"])
tokenizer.batch_decode (summary_ids, skip_special_tokens=True, clean_up_tokenization_

<»spaces=False) [0]

# model Output: WE X THHEBE X T ARLZ R RRE
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and._
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.
—Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},
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year = {2022}
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You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.10 Randeng-Pegasus-523M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.10.1 &4} Brief Introduction

LHET R EAL 50, TR PAGASUS-large.,

Good at solving text summarization tasks, Chinese PAGASUS-large.

3.10.2 #E#EY4r3€ Model Taxonomy

3.10.3 &Yz & Model Information

S 1 PEGASUS: Pre-training with Extracted Gap-sentences for Abstractive Summarization

AT RS E BhREAT S5, AT PEGASUS B3R YISk ST IUAS o FATIEE A TR T R EE (180G
WA AR TSR 4R . EAh, 5 IEF)H3C sentence piece A EEE , FATJ7E Randeng-PEGASUS i [i] i i ] T
25 B 401 BERT 43ialg% . T THIE ML base ffii4ds: IDEA-CCNL/Randeng-Pegasus-238M-Chinese., DA, T
(TSR AL T HE Fh s B A AR UAS © Randeng-Pegasus-523M-Summary-Chinese

To solve Chinese abstractive summarization tasks, we follow the PEGASUS guidelines. We employ a version of WuDao
Corpora (180 GB version) as a pre-training dataset. In addition, considering that the Chinese sentence chunk is unstable,
we utilize jieba and BERT tokenizer in our Randeng-PEGASUS. We also provide a base size version, available with IDEA-
CCNL/Randeng-Pegasus-238M-Chinese. And, we also provide a version after fine-tuning on Chinese text summarization

datasets: Randeng-Pegasus-523M-Summary-Chinese.
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3.104 {#H Usage

EETFE il Download Address

Huggingface Hilik: Randeng-Pegasus-523M-Chinese

InEKHEE Loading Models

from transformers import PegasusForConditionalGeneration

# Need to download tokenizers_pegasus.py and other Python script from Fengshenbang—LM.
—github repo in advance,

# or you can download tokenizers_pegasus.py and data_utils.py in https://huggingface.

—co/IDEA-CCNL/Randeng_Pegasus_523M/tree/main

# Strongly recommend you git clone the Fengshenbang-LM repo:

# 1. git clone https://github.com/IDEA-CCNL/Fengshenbang—LM

# 2. cd Fengshenbang-LM/fengshen/examples/pegasus/

# and then you will see the tokenizers_pegasus.py and data_utils.py which are needed.

—by pegasus model

from tokenizers_pegasus import PegasusTokenizer

model = PegasusForConditionalGeneration.from_pretrained("IDEA-CCNL/Randeng-Pegasus—
< 523M-Chinese")

tokenizer = PegasusTokenizer.from_pretrained("IDEA-CCNL/Randeng-Pegasus-523M-Chinese")

text =
S"EHREANRE “RE” RE, A LEFI0EKLZE, YPEARZRZHAE N AR ST EFFI L
SHFHRBERFARAAARRBEEBANNZEAEEARMEELEBELALAZEAR"

inputs = tokenizer (text, max_length=1024, return_tensors="pt")

7

B

# Generate Summary
summary_ids = model.generate (inputs["input_ids"])
tokenizer.batch_decode (summary_ids, skip_special_tokens=True, clean_up_tokenization_

—spaces=False) [0]

# model Output: # 1 WE H WL OK , & 3 db 7 M & 1 Hr -
SHFBHEMELARAAARBEEEAAN S ELEEHEARNEELELAANER
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.
—~Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

HLRT AT AT 4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},

howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.11 Randeng-Pegasus-523M-Summary-Chinese
¢ Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs

3.11.1 {4} Brief Introduction

H T AP AT S5, FERC TSR R RS ERORE R, ST PAGASUS-large.,

Good at solving text summarization tasks, after fine-tuning on multiple Chinese text summarization datasets, Chinese
PAGASUS-large.
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3.11.2 #E#EY43€ Model Taxonomy

3.11.3 EZJ{E 2 Model Information

%2 . PEGASUS: Pre-training with Extracted Gap-sentences for Abstractive Summarization

HFRandeng-Pegasus-523M-Chinese, FRATAEUCHEN 7 A SCHUSIT SCAR A HREE (29 4M AFEAR) AR
T, 1587 summary R4S, X 7 MRS N education, new2016zh, nlpcc, shence, sohu, thucnews Al weibo.

Based on Randeng-Pegasus-523M-Chinese, we fine-tuned a text summarization version (summary) on 7 Chinese text
summarization datasets, with totaling around 4M samples. The datasets include: education, new2016zh, nlpcc, shence,

sohu, thucnews and weibo.

A48+ Details of Finetuning

finetune [RIREA I IRAT AT, WAAT B pegasus £5H, FEFUUIZRRT B 32 22 (1] wudao Bt AT #iill 45,
FRPARSGEREN . RS HE SIS 2, FESHANTFR:

#iE#£45 Data Examples

T finetune [ LCSTS SCA-ARAAT £ s, A&

{'"text': ".... ... ... ', 'summary': '........... "}

{'"text': ".... ... ... ', 'summary': '........... "}

Finetune 8

A& fintune IS AEE 1 HEZL T, Z% fengshen/examples/summary/finetune_pegasus_summary.py DA S ran-
deng_pegasus_523M_summary.sh F4~ A<

1. 154 randeng_pegasus_523M_summary.sh i< B {1245

2. AT sh randeng_pegasus_523M_summary.sh, B[R] JJ4f finetune
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Finetune &%

finetune [T B2 {1 T deepspeed e finidii)l| 2k

FHAth )| 4525 F randeng_pegasus_523M_summary.sh

Finetune GEEIZHE

LCSTS 2543 finetune [5RR

3.114 {&H Usage

EETFE bl Download Address

Huggingface Hiifih: Randeng-Pegasus-523M-Summary-Chinese

%A Loading Models

from transformers import PegasusForConditionalGeneration

# Need to download tokenizers_pegasus.py and other Python script from Fengshenbang—LM.
—github repo in advance,

# or you can download tokenizers_pegasus.py and data_utils.py in https://huggingface.
—co/IDEA-CCNL/Randeng_Pegasus_523M/tree/main

# Strongly recommend you git clone the Fengshenbang-LM repo:

# 1. git clone https://github.com/IDEA-CCNL/Fengshenbang—LM

# 2. cd Fengshenbang—-LM/fengshen/examples/pegasus/

# and then you will see the tokenizers_pegasus.py and data_utils.py which are needed.
—by pegasus model

from tokenizers_pegasus import PegasusTokenizer

model = PegasusForConditionalGeneration.from_pretrained("IDEA-CCNL/Randeng-Pegasus—
—523M-Summary—-Chinese")
tokenizer = PegasusTokenizer.from_pretrained("IDEA-CCNL/Randeng-Pegasus—523M-Summary—

—Chinese")

text =
S"EMEAARET “RE” RE, 48 LFI0ALAE, YEARZREWRAESNAREET F I LiEAH
SHFRFERSFARAAARREGEANN S AT RARMELELEALAZEA"

inputs = tokenizer (text, max_length=1024, return_tensors="pt")

# Generate Summary

summary_ids = model.generate (inputs["input_ids"])

(AN

1
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(€AY

tokenizer.batch_decode (summary_ids, skip_special_tokens=True, clean_up_tokenization_

<»spaces=False) [0]

B AT 4%

2
Bt
U7y
s
B
A=l
=
B
S+
4
>
>3
R
Iy
Bt
pai =y
=

# model Output: K Z& W i & /N 4

3.11.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT FATTRA 190 -

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.12 Randeng-PPVAE-1.2B-Augmentation-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs
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3.12.1 {4} Brief Introduction

PPVAE(Pre-train and Plug-in Variational Auto-Encoder) 7] DA ash /D32 28 B SCAS I Gk AR 5l R Bz 28 ] B i sm A
A, PPVAE 22— P4~ VAE AU EHAESRE . FilillZk VAE [ 4mbaiia 2 SOR 2 RS T], ARAD R e e
FARIG R SCA; PluginVAE Sh— AR VAE, 252) M4 Rl as (B B 55 A4 B as 1R A BB, i i R
D 25 SCAS B AT YN 2558

PPVAE (Pre-train and Plug-in Variational Auto-Encoder) can generate a large number of category-specific samples from
the training of a small number of category texts. PPVAE is a hierarchical framework consisting of two VAEs: the encoder
of the pre-trained VAE gets the text global hidden space and the decoder decodes the hidden vector into text; PluginVAE
is a lightweight VAE that learns the transformation from the global hidden space to the conditional hidden space, which

requires only a small amount of conditional text to be trained.
PPVAE 22 W Pre-train and Plug-in: Flexible Conditional Text Generation with Variational Auto-Encoders.

PPVAE reference paper Pre-training and Plug-in: Flexible Conditional Text Generation with Variable Autoencoders.

3.12.2 #4533 Model Taxonomy

3.12.3 EZJ{E 2 Model Information

Pretrained VAE:

R HEETEE (280G A )

Training Corpus: Wudao Corpus (with 280G samples)

SR . Randeng-DAVAE-1.2B-General-Chinese

Reference model:Randeng-DAVAE-1.2B-General-Chinese
PluginVAE:

Ffithes: = J2 MLP, KRG B 4 s ) RS 28] 288 3 B s ) 5
fRD S =2 MLP, 355 B M I 5 Bevas [A) WL 21 4 JRy B #s )
R DRI

Encoder: three-layer MLP that maps the hidden vector from the global hidden space to the category hidden space.

',
M,

W\
W\

Decoder: three-layer MLP, mapping hidden vectors from the category hidden space to the global hidden space.

Training corpus: a small amount of categorical text.
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3.12.4 {#H Usage

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang-LM
pip install --editable .

import torch

from transformers import BertTokenizer, T5Tokenizer

from fengshen.models.PPVAE.pluginVAE import PPVAEModel

device = torch.device("cuda" if torch.cuda.is_available () else "cpu")

input_texts = [
"EHEW - NMEYE, RRIFAZINBOEERRREAN —K.",
"HEERRKYDERRHAFH -—EELEH BT, BHESRBHZENTHRET, EfF. ",
"HARA RAR~TUNERA~~~FHHEEAFA- T A ELZR BTN D X H~

SFBRA-LRBRAEH",

STHEN A ERAT! MEREGRE! ERXRFALUK, ZABRK. BLREANERNET. THEHRCAR L.

"EHRHZR, PARAZRRKYRER KT ",

S"EFRERN-—XEHE, EEATENRERS, UARAI KR BREANFERAM “FHEK

S"XHELAREN LI E. . ARAEBUANTEENEZFFAFESN. . . BELT

"
",

S"HMETEEW, TRERMA G XT, EEHEFEN, NENARLTE, TAGTTIUR.

"
",

]

encoder_tokenizer = BertTokenizer.from_pretrained ("IDEA-CCNL/Randeng—PPVAE-1.2B~
—General-Chinese")

decoder_tokenizer = T5Tokenizer.from_pretrained("IDEA-CCNL/Randeng-PPVAE-1.2B-General-—
—Chinese", eos_token = '<|endoftext|>', pad_token = '<pad>',extra_ids=0)
decoder_tokenizer.add_special_tokens ({'bos_token':'<bos>"})

ppvae_model = PPVAEModel.from_pretrained("IDEA-CCNL/Randeng-PPVAE-1.2B-Augmentation—
—Chinese") .to (device)

ppvae_model.train_plugin (encoder_tokenizer,decoder_tokenizer, input_texts,negative_
—samples=None)

#on:H AR HE

texts = ppvae_model.generate (n=5)

print (texts)

# oA R R B

#IAEREERE, ARCAFHRE BENNREL, EH A%, ',

#R¥R -4 FRE TRHRERFZWURZ /EBENRER, RELBANTE.

, RATERZ

— AR B8R

(AN
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(€AY

# 'ﬁé?é’ﬁ#iﬁﬁﬁ&ﬁﬁ%&%%éﬁ%??ﬁﬁtﬂk CEMR R FF ok, W@ RAKRT R, ',
PR NN REEFYLAE AARENELE AL 200k, BREA T T K. 1,
#ordk R AR AR X *”iﬂ“é JfaJ,;L/ciIFH iMoo FE~RERTEL T, ]
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If you are using the resource for your work, please cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.13 Randeng-Transformer-1.1B-Denoise

* Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.13.1 &4} Brief Introduction

PAZMRAT 55 M 60JH H A5 H SC Transformer-XL o

Chinese Transformer-XL with a denoising task as the fine-tuning objective.

3.13.2 {E#&4r3E Model Taxonomy

3.13.3 EZAY{Z 2 Model Information

FATSEH Transformer-XL AR ESAAETE TERLZE (180G iiAS) EREATHUNGR, AETEFATE FHHr %
W Rn e BT . Ho, KA SS R LT BEBLIE A/ 21/ MR 45/ 4 1 SR FL A IR RS 4 i A B
— AT A

We first pre-trained Transformer-XL on the Wudo corpus (180G version), and then fine-tuned it on a denoised dataset

(developed by us). The denoise task is to reconstruct a fluent and clean text from a noisy input which includes random

insertion/swap/deletion/replacement/sentence reordering.
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3.13.4 {#H Usage

EEIT ik Download Address

Huggingface Hiifil:: Randeng-Transformer-1.1B-Denoise

INEKIER Loading Models

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git

from fengshen.models.transfo_xl_denoise.tokenization_transfo_xl_denoise import.
—TransfoXLDenoiseTokenizer
from fengshen.models.transfo_xl_denoise.modeling transfo_xl_denoise import.

—TransfoXLDenoiseModel

tokenizer = TransfoXLDenoiseTokenizer.from_pretrained('IDEA-CCNL/Randeng-Transformer—
—1.1B-Denoise')
model = TransfoXLDenoiseModel.from_pretrained('IDEA-CCNL/Randeng-Transformer—-1.1B—

—~Denoise')

{# A%l Usage Examples

from fengshen.models.transfo_xl_denoise.generate import denoise_generate
input_text = "N EHF KB A, HREAHAHFEF BT H"

res = denoise_generate (model, tokenizer, input_text)

print (res)

FTHEBRBRMARRE RS FECH LS. "

3.13.5 5|H Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

&)
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(CCANY)
—Intelligence},
journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT FATT R 190 -

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.14 Randeng-TransformerXL-5B-Deduction-Chinese

¢ Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs

* Demo: Reasoning Tree

3.14.1 &4} Brief Introduction

FLF Transformer-XL () H SR S HEREAE R AY

Chinese deductive reasoning model based on Transformer-XL.

3.14.2 {E#&45 3 Model Taxonomy
3.14.3 $&Y{s B Model Information

¥ePt i $5 Corpus Preparation
o [REIERE (280G A4S )

o PERIERE (23MAMREAR): BT HERETERVE (280G fitA), i KECHPCEL . A TR + GTSFactoryfi
Ve, BUREUE S L TR A R K R ) TR

¢ Wudao Corpus (with 280G samples)
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* Wudao Causal Corpus (with 2.3 million samples): Based on the Wudao corpus (280G version), sentence pairs with

causality were obtained through logic indicator matching, manual annotation + GTSFactory, and data cleaning.
Y& FE Model Training
1. TEREETERIE (280G iiAs) ATl
2. 7E 1.5M PR EERE FEAT DR AR AR U 55 1 DI 25

3. BT HA 0.8M H R1EH, R Randeng-TransformerXL-5B-Abduction-ChinesefflErlangshen-Roberta-330M-
Causal-Chinese 47 Self-consistent ¥R 4011 25

o PN BT RZOR RN ST o Oy R T R HE BRI S 2 A B, 7 A KR DA

* Erlangshen-Roberta-330M-Causal-Chinese #1800} PAFE AT X 0 R & R A T4T 4, Ikt B S PA
LB AN SR AR A

First, the Transformer-XL model was pre-trained on the Wudao Corpus (with 280G samples) and annotated similar-
sentence pair dataset (same as Randeng-TransformerXL-1.1B-Paraphrasing-Chinese). Then, the model was trained on
our causal corpus (about 1.5 million samples) for the deductive reasoning task. At last, based on the remaining 0.8
million samples of the causal corpus, we conducted self-consistent learning on this model, cooperating with Randeng-
TransformerXL-5B-Abduction-Chinese and Erlangshen-Roberta-330M-Causal-Chinese. Specifically, two generative
models performed deductive reasoning and abductive reasoning based on each sample respectively, generating a large
number of pseudo-samples; Erlangshen-Roberta-330M-Causal-Chinese scored the causality of the pseudo-samples and

selected the training data for itself and the generative models in the next iteration.

3.14.4 FEE Loading Models

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang—-LM

from fengshen.models.transfo_xl_reasoning import TransfoXLModel

from transformers import T5Tokenizer as TransfoXLTokenizer

model = TransfoXLModel.from_pretrained('IDEA-CCNL/Randeng-TransformerXL-5B-Deduction-—
—Chinese")
tokenizer = TransfoXLTokenizer.from_pretrained/(
"IDEA-CCNL/Randeng-TransformerXL-5B-Deduction-Chinese",
eos_token='<|endoftext |[>",
pad_token='<|endoftext|>",
extra_ids=0
)

tokenizer.add_special_tokens ({'bos_token': '<bos>"'})
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3.14.5 {Ef=% Usage Example

from fengshen.models.transfo_xl_reasoning import deduction_generate

input_text = "L & A% H A"
input_texts = ["IL&EAZBHER", "EXRNBFE LHK™M)
print (deduction_generate (model, tokenizer, input_text, device=0))

print (deduction_generate (model, tokenizer, input_texts, device=0))

3.14.6 —:f5l-F Some Cases

(PUF AR, ANRFBA AL )
1 a2 LSy, WFLEhY R RS Y
o YA ARGR A EIR AR )
o B TEENFE R R RE
o B RETEETE AR TR, AR AR IEE
2. figfa 2 FLEY, R YA RIS Y
o ff R RIS, SRR
o fifE R AL T AR AL
o A LIRS
3. LR AGiA R
I IN WS O T
o Hlas A A AR HL RS IE T THLE AGEia I Bt
o WA A LATREIEAR HYA3E , I REAS AL A S ICVRAL B S 4 1L
s RABAFHFERELA, PIa ANFEE L
4. FoRMAERRLE Bk
o FORTEM MR IR I Bk
 FORFME R RN BT T
o TEFRGEM LA G T — 5 s)
5. SEARZTTRIGEME . RbYE 5t
© ARRBEHIMERMESRE, HIRE TR 55
o BUERERIM R, W T R Ay
o WK )R JEGEATI , (AT O & 50 A B &%
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6. ML X v 25 I ) 55

o VRSN S WA IR TR]RS-fi 2

o WERSPMEHRIG, AU R S kS50 [0 T

o S JCH K OB A IR S

3.14.7 5|H Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

—Intelligence},
journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.

—~Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._
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You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},

howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.15 Randeng-TransformerXL-5B-Abduction-Chinese

* Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs

* Demo: Reasoning Tree
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3.15.1 &4} Brief Introduction

T Transformer-XL i) F 30 26 () A s

Chinese abductive reasoning model based on Transformer-XL.

3.15.2 {E#&453 Model Taxonomy
3.15.3 &Yz B Model Information

¥t 45 Corpus Preparation
« HRIETERDE (280G fifAs)
o FRIERE (23MANEEAS ) EETIEEIERE (280G HiA), lid XBEIAPCHS . A TAR¥E + GTSFactory
Ve RS BRI BA PR R O R A )RS
* Wudao Corpus (with 280G samples)

* Wudao Causal Corpus (with 2.3 million samples): Based on the Wudao corpus (280G version), sentence pairs with

causality were obtained through logic indicator matching, manual annotation + GTSFactory, and data cleaning.

V&L Model Training
1. YEFETETERIE (280G MiAS) _FEA7HiiI4:
2. 1£ 1L.5SM PRERIERL E AT R A AT 55 1 U1 25

3. BT H 4 0.8M H B ER}, PEIRandeng-TransformerXL-5B-Deduction-ChinesefErlangshen-Roberta-330M-
Causal-Chinese 47 Self-consistent FHFfRIE ALl 25

o P AR T AR 0 DR Oy QAT R HMERE A S 2R, 7 2 K A

* Erlangshen-Roberta-330M-Causal-Chinese 24X} P A 47] 1% 1) IR 2R & R BEATHT 40, e fit B 5 DA
KA AR BN R iR A

First, the Transformer-XL model was pre-trained on the Wudao Corpus (with 280G samples) and annotated similar-
sentence pair dataset (same as Randeng-TransformerXL-1.1B-Paraphrasing-Chinese). Then, the model was trained on
our causal corpus (about 1.5 million samples) for the abductive reasoning task. At last, based on the remaining 0.8
million samples of the causal corpus, we conducted self-consistent learning on this model, cooperating with Randeng-
TransformerXL-5B-Deduction-Chinese and Erlangshen-Roberta-330M-Causal-Chinese. Specifically, two generative
models performed deductive reasoning and abductive reasoning based on each sample respectively, generating a large
number of pseudo-samples; Erlangshen-Roberta-330M-Causal-Chinese scored the causality of the pseudo-samples and

selected the training data for itself and the generative models in the next iteration.
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Fengshenbang-LM, A {ThR4 1.0

3.15.4 nFEE Loading Models

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang-LM

from fengshen.models.transfo_xl_reasoning import TransfoXLModel

from transformers import T5Tokenizer as TransfoXLTokenizer

model = TransfoXLModel.from_pretrained('IDEA-CCNL/Randeng-TransformerXL-5B-Abduction—
—Chinese')
tokenizer = TransfoXLTokenizer.from_pretrained(
"IDEA-CCNL/Randeng-TransformerXL-5B-Abduction-Chinese",
eos_token='<|endoftext|>",
pad_token='<|endoftext |>",
extra_1ids=0
)

tokenizer.add_special_tokens ({'bos_token': '<bos>'})

3.15.5 {#EH=HI Usage Example

from fengshen.models.transfo_xl_reasoning import abduction_generate

input_text = "L KA FHF L ok
input_texts = ["EXRMHBFL L&k, "EXRNAFL LK™
print (abduction_generate (model, tokenizer, input_text, device=0))

print (abduction_generate (model, tokenizer, input_texts, device=0))

3.15.6 —L45lF Some Cases

(PAF ISR A B, AARRA B )
L R RRSE Tk

o FORPEFFRUR, FoRIEm
o RACHX 2R RAEM, FKRERZEIB
© SAEFORFE IR R

2. FRMAETBE
o FRIPEFRR, FREL
© SAEFORFRAFTE, MHRRAL
« HETERTIAAF R TREPIRAS, F EAT A OE 8 TR R, FORR R
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1.0

3. RAEPIRHEBET

o SURFREK, UEW, TETR, EWRARIKY

o FRORIE, RIERE, YRR

s WEREON T RS RAGEY, BAEZHNREY, B GRR R iE
4. fpta R EUHFE N R AR

o e AR, TR G SR

o BRE S RGIRTR, R EOHFEEIRE RS B RS RUE
5. SERLUTREGOME . FBTH

* RIRHSNE R —, SURZTMEAIG TSR R BE 4

o SEARLTTRYT ERMOBHRIT. LR, FOTSERIEMETT N, AR 2 . HRPLEIA e S

(1)

o LHRETHEETERENRE, MHATZH T XSRS ST TR REER, RMER R 0Tk

6. K1l A P HUAHYISET
o Kl S LR AR B
o KIDKRIIBREL, 20 e ] RS A S
o KINMERRS, HHRBEN R, Y TCORZ

3.15.7 5|H Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT | BATTR 190

You can also cite our website:
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https://arxiv.org/abs/2209.02970
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/
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@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.16 Randeng-T5-77M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.16.1 &4} Brief Introduction

FT AP NLT AL55, SR mT5-small,

Good at handling NLT tasks, Chinese mT5-small.

3.16.2 {E#&43E Model Taxonomy

3.16.3 #ZE¥{s & Model Information

FATET mTS-small, Y TER I N T IENG, FAVLME TS 733625 (sentence piece) 1 H3E3L
XN AYIAZE, HF HLAEA TR B 1 BT 2k (Corpus-Adaptive Pre-Training, CAPT) ARTEN B IEAHE (180G
A AREETI SR . ISR H AR BEAR span, BARHE, FATEBIGRG B AN T B2 20RARAE SR 1 8 K
A100 Zj 24 /NETS

Based on mT5-small, we implement its Chinese version. In order to accelerate training, we only retrain the vocabulary
and embedding corresponding to Chinese and English in TStokenizer (sentence piece), and Corpus-Adaptive Pre-Training
(CAPT) on the WuDao Corpora (180 GB version). The pretraining objective is span corruption. Specifically, we use the
fengshen framework in the pre-training phase which cost about 24 hours with 8 A100 GPUs.

3.16.4 {EF Usage

EE Tt Download Address

Huggingface Jiil:: Randeng-T5-77M
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https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
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In#;iEE Loading Models

from transformers import TS5ForConditionalGeneration, AutoTokenizer

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Randeng-T5-77M', use_fast=false)

model=T5ForConditionalGeneration. from_pretrained (' IDEA-CCNL/Randeng-T5-77M")

#i=4bI8 Data Processing

i P HE A -

text: 'iz 7,

SEBEHLHBEEREATHRALEZN. A TREAABFLHNBELEAEXN B TATMET F H,
S MBI HEH AW PR,

span corruption Ji5 1R 255

input: 'ZH, A FEF LR BEEREATHALEEN . 47T <extra_id 0>
Sk B4 A RESEKE R <extra_id 1> AE| #FHMA PR,

label: '<extra_id 0># 3| <extra_id 1>W s F WMWiKk T F |1, \</s>'

X AR D - HdE
ERN)Z Training

BRI EAIHEZLATE 2 5K A100 YIIZR 17 /NN, d)i loss WBHEN 2.3 Zedy, IZRIIAR L. Hbhik.

3.16.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},
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(% L0
journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT PAG AT 14

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

3.17 Randeng-T5-784M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

3.17.1 &4} Brief Introduction

HETHNLT 455, H 30 mT5-large.

Good at handling NLT tasks, Chinese mT5-large.

3.17.2 {E#&4 3 Model Taxonomy
3.17.3 #Z&¥{s B Model Information

FATEET mTS-large, NG TER PR T IENNZ, FATBUEE TS 7017 (sentence piece) 3£ 3L
XERAIAZE, HF HLAEA TR B 15 BT 2k (Corpus-Adaptive Pre-Training, CAPT) $ARTENEIERHE (180G
fAS) RSN ZR . ISR HAR BN span. BLRHL, FRATETNZRGT B T EHEZOHEIE SR T 16 3K
A100 £ 96 /]NH .

Based on mT5-large, we implement its Chinese version. In order to accelerate training, we only retrain the vocabulary
and embedding corresponding to Chinese and English in T5tokenizer (sentence piece), and Corpus-Adaptive Pre-Training
(CAPT) on the WuDao Corpora (180 GB version). The pretraining objective is span corruption. Specifically, we use the
fengshen framework in the pre-training phase which cost about 96 hours with 16 A100 GPUs.
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https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen
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3.17.4 {&f Usage

EETFE il Download Address

Huggingface Hiifil:: Randeng-T5-784M

INEKIER Loading Models

from transformers import T5ForConditionalGeneration, AutoTokenizer

import torch

tokenizer=AutoTokenizer.from_pretrained('IDEA-CCNL/Randeng-T5-784M', use_fast=false)
model=T5ForConditionalGeneration.from_pretrained('IDEA-CCNL/Randeng-T5-784M")

#iE4bHE Data Processing

([7) Randeng-T5-77M)
0 2

text: '3z 3,
SEBEMNLHBEERRLATRALEN. ATHRIAASH LHELERERNEGI T HTMAZTF H,
SO ME HEHEEA TR

span corruption Ji5 [ £ HE25 171

input: "B, AFAEFLHGEERELTRALERN . AT <extra_id 0>
SA BT A EERFER <extra_ id 1>% Ml #HF WM& FHE.

label: '<extra_id_0># %| <extra_id_I1>WEZH F WMWK L F 1, \</s>'

XMW ACAS I, . Fengshenbang-LM/fengshen/data/t5_dataloader/t5_datasets.py

SRR L ik

HEEN)ZE Training

W] A% Randeng-T5-77M Bl HIA . Hidilk .
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3.17.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author =

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

{Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

Yang and.
Weifeng.

and.

HLRT AT AT 4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},

howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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4.1 Taiyi-CLIP-Roberta-102M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

4.1.1 {54y Brief Introduction

NIRRT H S CLIP A2, 1.23 AZ1E S0 AT FIIZRA) SCAR i RoBER Ta-base .

The first open source Chinese CLIP, pre-training on 123M image-text pairs, the text encoder: RoBERTa-base.

4.1.2 #EE4 3 Model Taxonomy
4.1.3 %5 E Model Information

FATEL0E CLIP (YSC B0 i, VASRAFSR R A AL IE -8 5 2RAE - FENZRHP SO CLIP I, FATT 6l chinese-roberta-
wwm{ N TEF iS4, HERFCLIPH Y VIT-B-32 W T HSE R b de . b 1 pud A E s b T il 45, 3K
RS T ILSE b e HUUBORITE 5 b a8 . B, FATRFNoah-Wukong B de (100M) FiZero¥ffi4E (23M)
APEBINZRIRR S . PR ATB A, FAT11Y) Taiyi-CLIP j2& H A Huggingface 41X i T 3¢ CLIP.

We follow the experimental setup of CLIP to obtain powerful visual-language intelligence. To obtain the CLIP for

Chinese, we employ chinese-roberta-wwm for the language encoder, and apply the ViT-B-32 in CLIP for the vision

encoder. We freeze the vision encoder and tune the language encoder to speed up and stabilize the pre-training process.
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Fengshenbang-LM, A {ThR4 1.0

Moreover, we apply Noah-Wukong dataset (100M) and Zero dataset (23M) as the pre-training datasets. To the best of

our knowledge, our TaiyiCLIP is currently the only open-sourced Chinese CLIP in the huggingface community.

TiE34E Performance

Zero-Shot Classification

Zero-Shot Text-to-Image Retrieval

4.1.4 {Ef Usage

EEIT & Download Address

Huggingface Hifil:: Taiyi-CLIP-Roberta-102M-Chinese

INEIEE Loading Models

from PIL import Image

import requests

import clip

import torch

from transformers import BertForSequenceClassification, BertConfig, BertTokenizer
from transformers import CLIPProcessor, CLIPModel

import numpy as np

query_texts = ["— A", "— A", W AM, "WHERER, - AEERE] #
SXERBMANXAM, TUHEESEH.

# Jm# Taiyi ¥ X text encoder

text_tokenizer = BertTokenizer.from_pretrained ("IDEA-CCNL/Taiyi-CLIP-Roberta—-102M-
—~Chinese")

text_encoder = BertForSequenceClassification.from_pretrained("IDEA-CCNL/Taiyi-CLIP-
—Roberta-102M-Chinese") .eval ()

text = text_tokenizer (query_texts, return_tensors='pt', padding=True) ['input_ids']

url = "http://images.cocodataset.org/val2017/000000039769. jpg" #_

S BN HRRERE R #url

# Jm# CLIPH image encoder

clip_model = CLIPModel.from_pretrained("openai/clip-vit-base-patch32")

processor = CLIPProcessor.from_pretrained("openai/clip-vit-base-patch32")

image = processor (images=Image.open (requests.get (url, stream=True).raw), return_
—tensors="pt")

if image_data.mode != 'RGB':

image = image.convert ('RGB')
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Fengshenbang-LM, A {ThR= 1.0

(% L0

with torch.no_grad() :

image_features = clip_model.get_image_features (**image)

text_features = text_encoder (text) .logits

# H—1b

image_features = image_features / image_features.norm(dim=1, keepdim=True)
text_features = text_features / text_features.norm(dim=1, keepdim=True)

# WHKRZMME logit_scale® R E # &K

logit_scale = clip_model.logit_scale.exp ()

logits_per_image = logit_scale * image_features (@ text_features.t ()

logits_per_text = logits_per_image.t ()
probs = logits_per_image.softmax (dim=-1) .cpu () .numpy ()

print (np.around(probs, 3))

E T IHES A Finetuning

FATHEAL T CLIP 1E Flickr30k-CNA XM dk L1 finetune [RGB, 3 AhFRATHERME T 1 [l Z 3 FE ARG
i, #FPEEAAE LightningModule BT,

HARDL: Mok
BeE AR KIAEE S, #4477 sh finetune_flickr.sh RBI7[.

4.1.5 5| Citation

R BAERSR TAE R AR T IRATHRRY, T AS | AT 5

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
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You can also cite our website:
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@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

4.2 Taiyi-CLIP-Roberta-large-326M-Chinese

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

4.2.1 &4t Brief Introduction

AR SC CLIP ALY, 1.23 A1 SO0 AT I 2R SCAR i RoBERTa-large .

The first open source Chinese CLIP, pre-training on 123M image-text pairs, the text encoder: RoBERTa-large.

4.2.2 {EEI45 3 Model Taxonomy
4.2.3 #EEI{z 8 Model Information

FATEEN CLIP (50 i B, PASRAFOR K I LT85 AL - AEIZR SR CLIP I, FA14 ] chinese-roberta-
wwm-largefE N TEF AT, HRFCLIP ) VIT-L-14 3 1 FHSE R g0 as . O 7 B HLAS E LA Tl 45
ARG T LI S A HR TR = 4 945 - BEAh, FATHFNoah-Wukong B H (100M) MIZero i (23M)
BN R R LE . FATEErE =Bt LRI T 10 58, SRR IETEE S BR e zero Fdlae LTI
i 12 5. JRIRATHTA, FA1HY Taiyi-CLIP J2 H A Huggingface 44X fr g SAYITJE H 3L CLIP,

We follow the experimental setup of CLIP to obtain powerful visual-language intelligence. To obtain the CLIP for
Chinese, we employ chinese-roberta-wwm-large for the language encoder, and apply the ViT-L-14 in CLIP for the
vision encoder. We freeze the vision encoder and tune the language encoder to speed up and stabilize the pre-training
process. Moreover, we apply Noah-Wukong dataset (100M) and Zero dataset (23M) as the pre-training datasets. The
model was first trained 10 epochs on wukong and then train another 12 epochs on wukong and zero. To the best of our

knowledge, our TaiyiCLIP is currently the only open-sourced Chinese CLIP in the huggingface community.

116 Chapter 4. KZ %37l
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Tis% 82 Performance

Zero-Shot Classification

Zero-Shot Text-to-Image Retrieval

4.2.4 {#f Usage

EEIT it Download Address

Huggingface Hiifil:: Taiyi-CLIP-Roberta-large-326M-Chinese

INEKIEE Loading Models

from PIL import Image

import requests

import clip

import torch

from transformers import BertForSequenceClassification, BertConfig, BertTokenizer
from transformers import CLIPProcessor, CLIPModel

import numpy as np

query_texts = ["— RM@E", "—Rp@A","WAHE", WRERE','-REXE"'] #
S ERMANCARY, AR

# fu# Taiyi ® X text encoder

text_tokenizer = BertTokenizer.from_pretrained("IDEA-CCNL/Taiyi-CLIP-Roberta-large-—
—326M-Chinese")

text_encoder = BertForSequenceClassification.from_pretrained ("IDEA-CCNL/Taiyi-CLIP—

—Roberta-large-326M-Chinese") .eval ()
text = text_tokenizer (query_texts, return_tensors='pt', padding=True) ['input_ids']
url = "http://images.cocodataset.org/val2017/000000039769. jpg" #_

Hﬁiﬁ%%ﬁ%ﬁiﬁ%@ﬁé@url
# fu# CLIPW image encoder
clip_model = CLIPModel.from_pretrained("openai/clip-vit-large-patchl4™)

processor CLIPProcessor.from_pretrained("openai/clip-vit-large-patchl4™)

image = processor (images=Image.open (requests.get (url, stream=True) .raw), return_
—tensors="pt")

if image_data.mode != 'RGB':

image = image.convert ('RGB')

with torch.no_grad():

image_features = clip_model.get_image_features (**image)

&)
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(% L0
text_features = text_encoder (text) .logits
# 3 — M
image_features = image_features / image_features.norm(dim=1, keepdim=True)
text_features = text_features / text_features.norm(dim=1, keepdim=True)
# I ERZAMAUE logit_scale®R R E R K
logit_scale = clip_model.logit_scale.exp ()
logits_per_image = logit_scale * image_features (@ text_features.t ()

logits_per_text = logits_per_image.t ()
probs = logits_per_image.softmax (dim=-1) .cpu () .numpy ()

print (np.around(probs, 3))

£ FiIEE R Finetuning

FAIHEHE T CLIP A Flickr30k-CNA XA dfadl L1 finetune AR HB, 53 ShFRATHAR L T4 [l ZT A AC
fih, HRHEHAE LightningModule HL7 . (526152 base MY, B3R HARALH AT AR large R finetune)

HARM,: Hbhk
Ao B A XSS, 4T sh finetune_flickr.sh BJHA],

4.2.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
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You can also cite our website:
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@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

4.3 Taiyi-Roberta-124M-D

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

4.3.1 &4t Brief Introduction

ST AM B SO BEATRARTIIZRN , SESCHRTY MAP (4558 5E ) 13040 RoBERTa-base.

Special pre-training on 1M image-text pairs, the textual encoder for MAP (temporary) in English, RoOBERTa-base.

4.3.2 {EEI5 3 Model Taxonomy

4.3.3 Az 8 Model Information

$:T Roberta-base, FAMIMHEFFIRAGIIGAE S TIA—LLDHEEMFE . "D” FoRiX 2 —FFm sl k. xHT
FIRRZASRAL , TR SCHBATROT TP AR BN E fr . BUIZEE4E S MSCOCO,VG #il SBU. Al
AR AN GRAL 55 B AR REAEIR SR Z G AT T

Based on pre-trained Roberta-base, we apply some multimodal information with special pre-training tasks. ”D” implies
a special training method. For special multimodal representations, we design several special training objectives in our
paper. The pre-training datasets are MSCOCO, VG and SBU. Our code and details of pre-training tasks will be made

publicly available upon paper acceptance.

T 532 Performance

GLUE

The local test settings are: Sequence length: 128, Batch size: 32, Learning rate: 3e-5
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4.3.4 {#f Usage

EEIT ik Download Address

Huggingface Hiifil:: Taiyi-Roberta-124M-D-v2

Ing;{EE Loading Models

from transformers import RobertaTokenizer, RobertaModel

tokenizer = RobertaTokenizer.from_pretrained("IDEA-CCNL/Taiyi-Roberta—-124M-D-v2")
model = RobertaModel.from_pretrained("IDEA-CCNL/Taiyi-Roberta-124M-D-v2")

4.3.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT FATT R 190 -

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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4.4 Taiyi-Roberta-124M-D

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

4.4.1 &4y Brief Introduction

COCO Fl VG Ak TiiNgRiv), JESCHF) MAP (AR E) A U4 RoBERTa-base.,

Special pre-training on COCO and VG, the textual encoder for MAP (temporary) in English, RoOBERTa-base.

4.4.2 #EE4 3 Model Taxonomy
4.4.3 #EE{ZE Model Information

BT Roberta-base, AT FFIRIGINAL S5 TIA—LEZHEEFE . "D” FoniX2d— M ailgiE. X1
IR ZSFRAL, AR SCPIANTBOT T PR IIZE AR, HiIZREdESE S MSCOCO Ml VG, FATHIT
RS AT ZRAT S5 AR AR SUH = R AT

Based on pre-trained Roberta-base, we apply some multimodal information with special pre-training tasks. "D” implies
a special training method. For special multimodal representations, we design several special training objectives in our
paper. The pre-training datasets are MSCOCO and VG. Our code and details of pre-training tasks will be made publicly

available upon paper acceptance.

TiE34E Performance

GLUE

The local test settings are: Sequence length: 128, Batch size: 32, Learning rate: 3e-5
An additional dataset WNLI is tested.

4.4.4 {EF Usage

EEIFE bl Download Address

Huggingface Hifil:: Taiyi-Roberta-124M-D
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In#;iEE Loading Models

from transformers import RobertaTokenizer, RobertaModel

tokenizer = RobertaTokenizer.from_pretrained("IDEA-CCNL/Taiyi-Roberta-124M-D")
model = RobertaModel.from_pretrained ("IDEA-CCNL/Taiyi-Roberta-124M-D")

4.4.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
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You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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4.5 Taiyi-vit-87M-D
¢ Github: Fengshenbang-LM
* Docs: Fengshenbang-Docs
4.5.1 &4y Brief Introduction
COCO il VG AFFRTIZRY, SR MAP (ZFREE) BIRLIEH ViT-base.

Special pre-training on COCO and VG, the visual encoder for MAP (temporary) in English, ViT-base.

4.5.2 EEI45 3 Model Taxonomy
4.5.3 #EE{Z B Model Information

BT clip-vit-base (patch 16, resolution 224x224), FATMEHAFIRATINFAL S5 5IA—LLZHEF R "D” FmiX 2
—RHRTINST A . ST RIRZHESRAE, AR SCh AT TP AR IIZ AR, Sl N
MSCOCO F1 VG. AT FITIGAL 55 AN (AR SR 2 S5 2T

Based on pre-trained clip-vit-base (patch 16, resolution 224x224), we apply some multimodal information with special
pre-training tasks. “D” implies a special training method. For special multimodal representations, we design several
special training objectives in our paper. The pre-training datasets are MSCOCO and VG. Our code and details of pre-

training tasks will be made publicly available upon paper acceptance.

Ti5ES Performance

The local test settings are:

learning rate=2e-5, batch size=128, num train epochs=5, weight decay=0.01

4.5.4 {Ef Usage

EETFE il Download Address

Huggingface Hitik: Taiyi-vit-87M-D
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In#;iEE Loading Models

from transformers import ViTFeatureExtractor, ViTForImageClassification
from PIL import Image

import requests

url = 'http://images.cocodataset.org/val2017/000000039769.jpg"

image = Image.open (requests.get (url, stream=True) .raw)

feature_extractor = ViTFeatureExtractor.from_pretrained('IDEA-CCNL/Taiyi-vit-87M-D")
model = ViTForImageClassification.from_pretrained('IDEA-CCNL/Taiyi-vit-87M-D")

inputs = feature_extractor (images=image, return_tensors="pt")

outputs = model (**inputs)

logits = outputs.logits

# model predicts one of the 1000 ImageNet classes
predicted_class_idx = logits.argmax(-1).item()

print ("Predicted class:", model.config.id2label [predicted_class_idx])
# Predicted class: Egyptian cat

4.5.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
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You can also cite our website:
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@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

4.5. Taiyi-vit-87M-D 125




Fengshenbang-LM, A {ThR4 1.0

126 Chapter 4. KXZ &%



CHAPTER B

RILR

5.1 Yuyuan-Bart-139M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

5.1.1 &4y Brief Introduction

A PR 7 U A G F L, JE3CHY BioBART-base.

A generative language model for biomedicine, BioBART-base in English.

5.1.2 #E&4 3 Model Taxonomy

5.1.3 %52 Model Information

Paper: BioBART: Pretraining and Evaluation of A Biomedical Generative Language Model

Yuyuan-Bart-139M 3% 42 K24 F1 IDEA BiF 5% Be— B A 11 26 9 7 40 ) A B S AR . FRATTE ] PubMed
Y BERE IR S (29 41G) VENTNZRERL. I FFIFEHESE DeepSpeed HUTEHL T, FATLE 2 A7
4 16 4~ 40GB A100 GPU [/ DGX %% i I %} BioBART-base (139M %) #4714 100 /NI 45

The Yuyuan-Bart-139M is a biomedical generative language model jointly produced by Tsinghua University and In-
ternational Digital Economy Academy (IDEA). We use biomedical research paper abstracts on PubMed (41G) as the
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pretraining corpora. We train the base version of BioBART(139M parameters) on 2 DGX with 16 40GB A100 GPUs

for about 100 hours with the help of the open-resource framework DeepSpeed.

5.1.4 {#f Usage

BEE Tt Download Address

Huggingface Hiihik: Yuyuan-Bart-139M

In#;i%EE Loading Models

from transformers import BartForConditionalGeneration, BartTokenizer
tokenizer = BartTokenizer.from_pretrained('IDEA-CCNL/Yuyuan-Bart-139M")
model = BartForConditionalGeneration.from_pretrained('IDEA-CCNL/Yuyuan-Bart—-139M")

text = 'Influenza is a <mask> disease.'
input_ids = tokenizer ([text], return_tensors="pt")['input_ids']
model.eval ()
generated_ids = model.generate (

input_ids=input_ids,
)
preds = [tokenizer.decode (g, skip_special_tokens=True, clean_up_tokenization_
—spaces=True) for g in generated_ids]

print (preds)

5.1.5 5| Citation
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If you are using the resource for your work, please cite the our paper for this model:

@misc{BioBART,

title={BioBART: Pretraining and Evaluation of A Biomedical Generative Language.
—Model},

author={Hongyi Yuan and Zheng Yuan and Ruyi Gan and Jiaxing Zhang and Yutao Xie and_
—Sheng Yu},

year={2022}%,

eprint={2204.03905},

archivePrefix={arXiv}
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If you are using the resource for your work, please cite the our overview paper:
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@Qarticle{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

LT PAG AT 4

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

5.2 Yuyuan-Bart-400M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

5.2. Yuyuan-Bart-400M
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5.2.1 &4 Brief Introduction
AR R U AR R AL, Y30 BioBART-large.

A generative language model for biomedicine, BioBART-large in English.

5.2.2 &4 Model Taxonomy

5.2.3 #EZEI{z 8 Model Information

Paper: BioBART: Pretraining and Evaluation of A Biomedical Generative Language Model

Yuyuan-Bart-139M i ii§ 424l IDEA BF 52 ¢ — e S 44k 1y A= 4 By 7 sy A i 5 AL . FRATJ 66 PubMed
I EEF e SRS (29 41G) VERTIZRERL. (I IEHESE DeepSpeed YIHFHL N, FAI7E 2 Al
4 16 /~ 40GB A100 GPU [f) DGX %% i I %f BioBART-large (400M Z:%) #E4T T % 168 /NI L

The Yuyuan-Bart-139M is a biomedical generative language model jointly produced by Tsinghua University and In-
ternational Digital Economy Academy (IDEA). We use biomedical research paper abstracts on PubMed (41G) as the
pretraining corpora. We train the base version of BioBART(139M parameters) on 2 DGX with 16 40GB A100 GPUs

for about 168 hours with the help of the open-resource framework DeepSpeed.

5.2.4 {#f Usage

EEIT it Download Address

Huggingface il : Yuyuan-Bart-400M

g% Loading Models

from transformers import BartForConditionalGeneration, BartTokenizer
tokenizer = BartTokenizer.from_pretrained('IDEA-CCNL/Yuyuan-Bart-400M")
model = BartForConditionalGeneration.from_pretrained('IDEA-CCNL/Yuyuan—-Bart—-400M")
text = 'Influenza is a <mask> disease.'
input_ids = tokenizer ([text], return_tensors="pt")['input_ids']
model.eval ()
generated_ids = model.generate (

input_ids=input_ids,
)
preds = [tokenizer.decode (g, skip_special_tokens=True, clean_up_tokenization_
—spaces=True) for g in generated_ids]

print (preds)
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If you are using the resource for your work, please cite the our paper for this model:

@misc{BioBART,
title={BioBART: Pretraining and Evaluation of A Biomedical Generative Language.

—Model},
author={Hongyi Yuan and Zheng Yuan and Ruyi Gan and Jiaxing Zhang and Yutao Xie and.
—Sheng Yu},
year={2022}%,
eprint={2204.03905},

archivePrefix={arXiv}
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If you are using the resource for your work, please cite the our overview paper:

@article{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and._

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},
title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.
—~Intelligence},
journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
}
] AT | FATRY 190 3
You can also cite our website:
@misc{Fengshenbang-LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
}
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5.3 Yuyuan-GPT2-3.5B

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs
5.3.1 &4} Brief Introduction
H R, BT U A i 5 B2 GPT2.

The currently largest, generative language model GPT?2 in the medical domain.

5.3.2 E&4 3 Model Taxonomy

5.3.3 EZEI{Z 2 Model Information

FAMIR 5 Wenzhong-GPT2-3.5B #H[HAYZEH , 7E SOGB Y PE2 (PubMed) i RHE EREATHUINSR. FATEM T
32 /> NVIDIA A100 2-KK#) 7 K. FefiTHY Yuyuan-GPT2-3.5B J& By 7 Ul KA TFEIY GPT2 #ifl. pE—20
Mo, BERATDAEETH N AREE (PPL) SRFIMIFSE. N T 58 IRe, FA TR AR A SE ) A T2 24
N BRikA]

We adopt the same architecture as Wenzhong-GPT2-3.5B to be pre-trained on 50 GB medical (PubMed) corpus. We use
32 NVIDIA A100 GPUs for about 7 days. Our Yuyuan-GPT2-3.5B is the largest open-source GPT2 model in the medical
domain. We further allow the model to judge facts by computing perplexity (PPL). To accomplish question-and-answer

functionality, we transform the phrase pattern from interrogative to declarative.

5.3.4 {#H Usage

EETE bl Download Address

Huggingface Hiifik: Yuyuan-GPT2-3.5B

%A Loading Models

from transformers import GPT2Tokenizer, GPT2Model

tokenizer = GPT2Tokenizer.from_ pretrained('IDEA-CCNL/Yuyuan-GPT2-3.5B")
model = GPT2Model.from_pretrained('IDEA-CCNL/Yuyuan-GPT2-3.5B")

text = "Replace me by any text you'd like."

encoded_input = tokenizer (text, return_tensors='pt')

output = model (**encoded_input)

132 Chapter 5. £TR7I



https://github.com/IDEA-CCNL/Fengshenbang-LM
https://fengshenbang-doc.readthedocs.io/
https://huggingface.co/IDEA-CCNL/Yuyuan-GPT2-3.5B

Fengshenbang-LM, A {ThR= 1.0

{#f7~%l Usage Examples

from transformers import pipeline, set_seed
set_seed (55)
generator = pipeline('text-generation', model='IDEA-CCNL/Yuyuan-GPT2-3.5RB")

generator ("Diabetics should not eat", max_length=30, num_return_sequences=1)

5.3.5 5| Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
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You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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5.4 YuyuanQA-GPT2-3.5B

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs
5.4.1 &4} Brief Introduction
LTS TR EES, BErRousigity, SE30mm GPT2.,

Good at handling medical question answering tasks, a medical domain model, GPT2 in English.

5.4.2 {EAI45 3 Model Taxonomy
5.4.3 EZEI{Z 2 Model Information

[FJEAE A AR TE AL AU SOk AL RS R K- P BT S5 o O 17 R DATE By 40 B 5t K 14 17 25
JIRTEE R, FAIEET Yuyuan-GPT2-3.5B, X HAH T 10K A BT ) B X BEATIOE . FATABIHRR—Fb
] B AR T SR S B M RGN T5 Zm M BsEi T, RIR A A8 R I CAZ T MR e

Question answering (QA) is an important task in the Natural Language Processing to present the knowledge level of Al
systems. To provide a language model with powerful QA capability in the medical domain, we fine-tuned Yuyuan-GPT2-
3.5B on 10K medical Q&A pairs.

=E Model

finetune [ yuyuan FEAY, SROCHIALE GPT2 Y45H, FETUIIZRM Be 22 ] PubMed PRy Al e i) Bt
BEVEATRITIIS . R — DB AR R . B 35 (LS8, FESBAN T RN

WNGRREdE, FREIFHRAIESC. AAEMTISE, ARy 3.

#iE Data

AT finetune P EHEHUE T MedQuADEHnSE , HUE5E MU 2 Iy

{'"question':"'......... ','answer':'........ '}

{'question':"......... ','answer':'........ '}
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#E28 Framework
finetune [ HE 42 j2 IDEA M 58 f¢ CCNL /NH % & 4 K HE 28 19 00 50 FF UK A9 EF o A2 22, H K AR

i % JL: Fengshenbang-LM/fengshen/examples/wenzhong_qa/finetune_medicalQA.py | Fengshenbang-
LM/fengshen/data/task_dataloader/medicalQADataset.py .

2% Parameter

WSEL, FATRM T deepspeed A K MECE:, T 2 ANEBERTT AL 16 5k A100, FEARFLAYEHIN ST fine-
tune., ELIASHICE T PAS%  Fengshenbang-LM/fengshen/examples/wenzhong_qa/finetune_ GPT2_medicalQA .sh

Rt EL Results

finetune JSAYKLZL, ] 100 X I E4, B BLEU 735 2 1l Ji] Megatron HEZEYN SR BILIEAT T ] BRAURS L, 2K
R ECBAEILT

unsmoth method:

smoth method:

Tii5E% Performance

FMTMAL T IR DAL HY 100 25 QA X AR :

We tested the model on 100 unseen QA pairs:

5.44 {E£H Usage

EET & Download Address

Huggingface Hiifik: YuyuanQA-GPT2-3.5B

In#iEE Loading Models

from transformers import GPT2Tokenizer, GPT2LMHeadModel

hf_model_path = 'YuyuanQA-GPT2-3.5B'

tokenizer = GPT2Tokenizer.from_pretrained (hf_model_path)

model = GPT2LMHeadModel.from_pretrained(hf_model_path)
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{#f7~%l Usage Examples

fquestion = "What should gout patients pay attention to in diet?"

inputs = tokenizer (f'Question:{question/ answer:',return_tensors='pt')

generation_output = model.generate (**inputs,
return_dict_in_generate=True,
output_scores=True,
max_length=150,
# max_new_tokens=80,
do_sample=True,
top_p = 0.6,
eos_token_id=50256,
pad_token_id=0,

num_return_sequences = 5)

for idx, sentence in enumerate (generation_output.sequences) :
print ('next sentence 2d:\n'%idx,
tokenizer.decode (sentence) .split ('<|endoftext|[>") [0])

print ("*'*40)

EZ g Answering the Questions

SCRFE#% M Haggingface (% pytorch-lightning HEZEJH ] . HiT-7E finetune [, AT prompt, 7E ) HF
15, Wi AN iZE: "Question:your question about medical? answer:”, BEERIRIELE PALES I
KB ZARR A& . H huggingface (1)1 F AU AT PAS 2% T B A -

from transformers import GPT2Tokenizer, GPT2LMHeadModel

model_path = 'pretrained_model_hf/yuyuanQA-vl' # input your own model file path
model = GPT2LMHeadModel.from_pretrained (model_path)

tokenizer = GPT2Tokenizer.from_pretrained(model_path)

model = model.cuda(6) # move your model to the GPU

model.eval () # just do predict

def answering(question):
# question = "What should gout patients pay attention to in diet?"
inputs = tokenizer (f'Question:{question) answer:',6 return_tensors='pt').input_ids.

—to (model.device)

generation_output = model.generate (input_ids = inputs,
return_dict_in_generate=True,
output_scores=True,

max_length=150,
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(% L0

# max_new_tokens=80,
do_sample=True,
top_p = 0.9,
eos_token_id=50256,
pad_token_id=0,
num_return_sequences = 5)
answers = []
for idx,sentence in enumerate (generation_output.sequences) :
next_sentence = tokenizer.decode (sentence) .split ('<|endoftext|>") [0]
answer = next_sentence.split (sep='answer:',maxsplit=1)[1]
answers.append (answer)

return answers

answering ('your question?')

&7~ Demo

AV GBI T — DB 7 ER . R, FATSRFRG b USRS /NP5 R 5 LT -
We made a demo of medical QA system with this model. In the future, we will make this product into a wechat app to

meet you.
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Demo for MedicalQA

AR RAYE]RE:

BREEEIREFNIZERMA?
R’

{REYVIERERZ : What should gout patients pay attention to in their diet?

fREEZE M :

P IRREWFSEYROYER, REFRERSERZSHEN. RRES RS BN KRR,
MRPSKFENERRESEEN . FZEYPESESEARNW, IMRELESTEN.

. Adietlow in purines, which are substances found in many foods, can cause gout.Purines are
broken down to uric acid in the kidneys, and high levels of uric acid in the blood can cause gout.A

diet high in protein and sodium, which are found in many foods, can also cause gout.
fREmE 2 :

FX: BREENRERGIRRIEBAN, RREFETEE. NENEESE|RYP. HSEIRE
BMPNIRRE, MRPRRIRFR, TEHEERETZEHNERT. RRUNRTERS
&, LeAEXTHRAR.

X Gout patients should try to limit their intake of purines, which are found in foods such as
seafood, shellfish, and beer.Purines can build up in the blood when the body breaks down purines
that are found in food, especially if the diet is not controlled.Purines can also build up in the joints if

they cannot be broken down.
{REmEF 3] :
B BXEENREIM (F) BN, WEETENFZSNIERP. A, —ENIgs

HIMESERS, IER/MIAX. BERAE. MM RN —LEKG, BXEERREBR
A, FENMIEEPHIHE. FENTIERSHERS.
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5.4.5 5|H Citation

AR EAE R TAE R G T RATHIRIRY, aT AT FRATHY 1L

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author =

{Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},
Being the Foundation of Chinese Cognitive.

title = {Fengshenbang 1.0:
—~Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

Yang and.
Weifeng.

and.

HLRT AT AT 4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},

howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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BXEZR7

6.1 Zhouwenwang-Unified-1.3B

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

6.1.1 &4} Brief Introduction

BB AERRA PSR, B CSHI R AT

The Chinese unified model explored in cooperation with Zhuiyi Technology, the encoder structure model with 1.3B

parameters.

6.1.2 {E#&Y45 3 Model Taxonomy
6.1.3 #ZJ{Z 2 Model Information

IDEA HF5EBEl TS p D IR A I8 — BB FR A T4 B0 B A B a5 A B A . B2 T ki B vl 25 1
4i— LM fIl MLM H94E55 , X LRI R A ORI BRI RE ), LI ekt AL B dmid bR . HRlge A 13
1eZ%) Zhouwenwang-Unified-1.3B JREA, 2 f 3L AT DATR] IS0 LM AT MLM AT 55 1) S KR, 3%
TGS SAER AL FRRIA . BRI 55 5 05 1 A W Ak«

A large-scale model (Zhouwenwang-Unified-1.3B) with a new structure proposed by IDEA CCNL and Zhuiyi Technol-
ogy. The model considers the task of unifying LM (Language Modeling) and MLM (Masked Language Modeling) during

14
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Fengshenbang-LM, A {ThR4 1.0

the pre-training phase, which gives it both generative and comprehension capabilities, and applys rotational position en-
coding. At present, Zhouwenwang-Unified-1.3B with 13B parameters is the largest Chinese model that can do both LM
and MLM tasks. In the future, we will continue to optimize it in the direction of model size, knowledge incorporation,

and supervisory assistance tasks.

Tils{E % Performance
TSRS IR (A MU TR ) -

Scores on downstream chinese tasks (without any data augmentation)

6.1.4 {EH Usage

BEER T il Download Address

Huggingface #iiik: Zhouwenwang-Unified-1.3B

g% A Loading Models
Shytransformers % A2 7% 4 Zhouwenwang-Unified-1.3B #H 3¢ FUAR TS5/ 87, Fr DAVR AT DATEFR AT 1A Fengshenbang-
LM 4R3I Haz A

Since there is no structure of Zhouwenwang-Unified-1.3B in transformers library, you can find the structure of

Zhouwenwang-Unified-1.3B and run the codes in Fengshenbang-LM.

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git

from fengshen import RoFormerModel
from fengshen import RoFormerConfig

from transformers import BertTokenizer

tokenizer = BertTokenizer.from_ pretrained("IDEA-CCNL/Zhouwenwang-Unified-1.3B")
config = RoFormerConfig.from_pretrained("IDEA-CCNL/Zhouwenwang-Unified-1.3B")
model = RoFormerModel.from_pretrained ("IDEA-CCNL/Zhouwenwang-Unified-1.3B")

{7~ %l Usage Examples

VRAT AGE AR A T2 B AL 55

You can use the model for continuation writing tasks.
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from fengshen import RoFormerModel
from transformers import AutoTokenizer
import torch

import numpy as np

sentence = 'jF 4 K ¥ AL T

max_length = 32

tokenizer = AutoTokenizer.from_pretrained("IDEA-CCNL/Zhouwenwang-Unified-1.3B")
model = RoFormerModel.from_pretrained ("IDEA-CCNL/Zhouwenwang-Unified-1.3B")

for i in range (max_length) :
encode = torch.tensor (

[[tokenizer.cls_token_id]+tokenizer.encode (sentence, add_special_

—tokens=False)]) .long()
logits = model (encode) [0]
logits = torch.nn.functional.linear (

logits, model.embeddings.word_embeddings.weight)
logits = torch.nn.functional.softmax(
logits, dim=-1) .cpu() .detach () .numpy () [0]
sentence = sentence + \
tokenizer.decode (int (np.random.choice (logits.shape([l], p=logits[-1])))
if sentence[-1] == ', ':
break

print (sentence)

6.1.5 5| Citation

R EAE R TAE PN TIRATAOBAL, WTRAT I HEATRE

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
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You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

language:
* zh license: apache-2.0 widget:

o text: 7 AEIH I EAZ [MASK]., 7

6.2 Zhouwenwang-Unified-110M

¢ Github: Fengshenbang-LM

* Docs: Fengshenbang-Docs

6.2.1 154 Brief Introduction

FiB P AERR TG, LSRN RS .

The Chinese unified model explored in cooperation with Zhuiyi Technology, the encoder structure model with 110M

parameters.

6.2.2 {E#&I45 3 Model Taxonomy
6.2.3 #ZY{z 2 Model Information

IDEA HF5EBEl TS p D IR A I8 — BB FR A T4 B B A B a5 A R A . 2T T i B il 25 1
Hi— LM A MLM JAT55, X R R s A s B e 7, B 7 e B gt ok . JAE8a
FREEAERR R JRAA . BB 55 2507 A BT AL o

A large-scale model (Zhouwenwang-Unified-1.3B) with a new structure proposed by IDEA CCNL and Zhuiyi Tech-
nology. The model considers the task of unifying LM (Language Modeling) and MLM (Masked Language Modeling)
during the pre-training phase, which gives it both generative and comprehension capabilities, and applys rotational posi-
tion encoding. In the future, we will continue to optimize it in the direction of model size, knowledge incorporation, and

supervisory assistance tasks.
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6.2.4 {#f Usage

EEIT ik Download Address

Huggingface Hiifil:: Zhouwenwang-Unified-110M

Ing;{EE Loading Models
“Mtransformersfg /1 i % 44 Zhouwenwang-Unified-110M  #H 3¢ #4854 25 44 /), Fr AR 7] PA AE 38147
[y Fengshenbang- LM £ 3 Hizd AU .

Since there is no structure of Zhouwenwang-Unified-110M in transformers library, you can find the structure of

Zhouwenwang-Unified-110M and run the codes in Fengshenbang-LM.

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git

from fengshen import RoFormerModel
from fengshen import RoFormerConfig

from transformers import BertTokenizer

tokenizer = BertTokenizer.from_pretrained("IDEA-CCNL/Zhouwenwang-Unified-110M")
config = RoFormerConfig.from_pretrained ("IDEA-CCNL/Zhouwenwang-Unified-110M")
model = RoFormerModel.from_pretrained("IDEA-CCNL/Zhouwenwang-Unified-110M")

{# =l Usage Examples

PRAT AR B A T S A 55

You can use the model for continuation writing tasks.

from fengshen import RoFormerModel
from transformers import AutoTokenizer
import torch

import numpy as np

sentence = 'L Ak FE LT

max_length = 32

tokenizer = AutoTokenizer.from_pretrained("IDEA-CCNL/Zhouwenwang-Unified-110M")
model = RoFormerModel.from_pretrained ("IDEA-CCNL/Zhouwenwang-Unified-110M")

for i in range (max_length):
encode = torch.tensor (

[[tokenizer.cls_token_id]+tokenizer.encode (sentence, add_special_

EET D)
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(Fz E70)
—tokens=False)]) .long()
logits model (encode) [0]
logits = torch.nn.functional.linear (
logits, model.embeddings.word_embeddings.weight)
logits = torch.nn.functional.softmax (
logits, dim=-1).cpu() .detach() .numpy () [0]
sentence = sentence + \
tokenizer.decode (int (np.random.choice (logits.shape([l], p=logits[-11])))
if sentencel[-1] == "', ':
break
print (sentence)
6.2.5 5| Citation
WA AR TAER A TIRATABEL, mTRAS [ HFRAT 15 5
If you are using the resource for your work, please cite the our paper:
@article{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._
—Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

AT DAG AT 14

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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CHAPTER /

k=R

7.1 X XFR9 3 Sentiment Analysis

A3 AT AL U A IO 1 L SR, W SCAR L A5 1 T B fiiT 1] 4 .- Analyze and handle subjective texts with

emotional overtones, and determine the positive and negative tendencies of textual views.

7.1.1 EFEE Recommended Models

Erlangshen-Roberta-110M-Sentiment: RoBERTa-wwm-ext-base 7£ #0115 B M AT 55 10 i 19 il

g
Erlangshen-Roberta-330M-Sentiment: RoBERTa-wwm-ext-large 7£ 5041 B A AE 55 0008 )5 B R
s

Erlangshen-MegatronBert-1.3B-Sentiment : 2021 42 % Tl FewCLUE A/l ZeroCLUE 4 f 3 BERT, 7E
B BT S5 1R 5 i R AR
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7.1.2 T3 E Performance

| #2781 Model | ASAP-SENT | ASAP-ASPECT | ChnSentiCorp | | :-------- : | ===== | :-==-1 | :-----: | | Erlangshen-Roberta-
110M-Sentiment | 97.77 |1 97.31 1 96.61 | | Erlangshen-Roberta-330M-Sentiment | 97.9 | 97.51 | 96.66 |l Erlangshen-
MegatronBert-1.3B-Sentiment | 98.1197.8 97 |

7.1.3 {E Usage

from transformers import AutoModelForSequenceClassification
from transformers import BertTokenizer

import torch
tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen—Roberta-110M-Sentiment"')
model=AutoModelForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen-—
—Roberta-110M-Sentiment"')

text="4% K 0 F R4

output=model (torch.tensor ([tokenizer.encode (text)]))

print (torch.nn.functional.softmax (output.logits,dim=-1))

7.1.4 §|HA Citation

R BAERER TAER MR T IRATRORIRY, T AS | AT IE 5

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and_
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT | FATT R 190

You can also cite our website:
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@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

7.2 BATES#H Natural Language Inference

| ) %) 22 [A] 3 B % ¢ 2 . Determine whether a  “hypothesis” is true (entailment), false (contradiction), or

undetermined (neutral) given a “premise” .

7.2.1 EFEE Recommended Models

BHAER/DEXR Zero-shot/Few-shot

Erlangshen-UniMC-RoBERTa-110M-Chinese : #:F-chinese-roberta-wwm-ext, 3 H SRiE = FRART 55
A hZ 3t 55, I B ZA NLU AE55 kA T 25

Erlangshen-UniMC-RoBERT2a-330M-Chinese: % chinese-roberta-wwm-ext-large, ¥ H4R1E =
AT 55 A W 234155, I B 21> NLU AT 55 R A 71 I 25

Erlangshen-UniMC-DeBERTa-v2-110M-Chinese : T Erlangshen-DeBERTa-v2-97M-Chinese , ¥ H
IRE T HRAESS AL 284155, I B 24> NLU (555 R 17T il 25 .

Erlangshen-UniMC-DeBERTa-v2-330M-Chinese: %: T Erlangshen-DeBERTa-v2-320M-Chinese, ¥
HARE S BT S 5 N 2 34T 55, IF HAEH 24> NLU AF45 K #- 4 T I 25

Erlangshen-MacBERT-325M-NLI-Chinese: 3.25 1%/ MacBERT, ¥£ NLI £45 #4794,
FAHF FewCLUE 1) OCNLI {£4%_F 148 .

Erlangshen-UniMC-MegatronBERT-1.3B-Chinese: J: T Erlangshen-MegatronBert-1.3B, % H k15
BT S A Z AT 55, B 24> NLU AL45 K d- 47 1 2%

%A Fine-tuning

Erlangshen-Roberta-110M-NLI: 3 [#chinese-roberta-wwm-extfE 50 HEFUT 455008 J5 B iR A .

Erlangshen-Roberta-330M-NLI: 137 ffjchinese-roberta-wwm-ext-large 7EE0A 1 AT 55 108 IS 19 i
A,

Erlangshen-MegatronBert-1.3B-NLI: 2021 £4£% Tl FewCLUE f| ZeroCLUE F{ ¢ BERT, 1E£{1{~
HEPRAT 55 S0 o B AR
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https://huggingface.co/IDEA-CCNL/Erlangshen-UniMC-RoBERTa-110M-Chinese
https://huggingface.co/hfl/chinese-roberta-wwm-ext
https://huggingface.co/IDEA-CCNL/Erlangshen-UniMC-RoBERTa-330M-Chinese
https://huggingface.co/hfl/chinese-roberta-wwm-ext-large
https://huggingface.co/IDEA-CCNL/Erlangshen-UniMC-DeBERTa-v2-110M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-DeBERTa-v2-97M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-UniMC-DeBERTa-v2-330M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-DeBERTa-v2-320M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-MacBERT-325M-NLI-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-UniMC-MegatronBERT-1.3B-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B
https://huggingface.co/IDEA-CCNL/Erlangshen-Roberta-110M-NLI
https://huggingface.co/hfl/chinese-roberta-wwm-ext
https://huggingface.co/IDEA-CCNL/Erlangshen-Roberta-330M-NLI
https://huggingface.co/hfl/chinese-roberta-wwm-ext
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B-NLI

Fengshenbang-LM, A {ThR4 1.0

7.2.2 T3 E Performance

FEHEX Zero-shot
DX Few-shot
#18 Fine-tuning
7.2.3 {#f Usage

UniMC / MacBERT

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang-LM
pip install --editable

import argparse

from fengshen.pipelines.multiplechoice import UniMCPipelines

total_parser = argparse.ArgumentParser ("TASK NAME")

total_parser = UniMCPipelines.piplines_args (total_parser)

args = total_parser.parse_args ()

pretrained_model_path = 'IDEA-CCNL/Erlangshen-UniMC-RoBERTa-110M-Chinese'
args.learning_rate=2e-5

args.max_length=512

args.max_epochs=3

args.batchsize=8

args.default_root_dir="'./"

model = UniMCPipelines (args, pretrained_model_path)

train_data = []

dev_data = []
test_data = [
{texta™: "EREMEEL IRA, MRAXEAMKE, FAEELTHSREA",
"textb": "V,
"question": "H F X A",
"choice": [

"L ARBEUANEAFEL L E X",
"TEHBE: ARBEUWANEAFEL T E X",
"RERE: ARBEMANELAETEL T X"
1,

"answer": "FHEH: IAKRBUWAELFELTERX",

150 Chapter 7. =R H




Fengshenbang-LM, A {ThR= 1.0

(Fz E70)
"label": 1,
"id": 23}

]
if args.train:

model.train (train_data, dev_data)
result = model.predict (test_data)
for line in result[:20]:

print (line)
H{th Other
from transformers import BertForSequenceClassification
from transformers import BertTokenizer
import torch
tokenizer=BertTokenizer.from pretrained('IDEA-CCNL/Erlangshen-Roberta-110M-NLI")
model=BertForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen—Roberta-—
<110M-NLI")
texta="4 K # A 4F o7
textb="4 K 0 F 4
output=model (torch.tensor ([tokenizer.encode (texta,textb)]))
print (torch.nn.functional.softmax (output.logits,dim=-1))
7.2.4 5|HA Citation
MR GEAE G TAE ] T 3ATRERY, AT RASG | FIFRATI 18 5
If you are using the resource for your work, please cite the our paper:
@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.
—~Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

[y
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https://arxiv.org/abs/2209.02970
https://arxiv.org/abs/2209.02970

Fengshenbang-LM, A {ThR4 1.0

(€AY

year = {2022}

AT DAG AT 4

You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

7.3 X AH{E Text Similarity

TSR 8] ) TE AR . Calculate the semantic similarity between texts.

7.3.1 EFEE Recommended Models

Erlangshen-Roberta-110M-Similarity: RoBERTa-wwm-ext-base ¥F %N H AT 55108 5 i A .
Erlangshen-Roberta-330M-Similarity: RoBERTa-wwm-ext-large 7EZ0C AL AT 55 500 )5 0O A .

Erlangshen-MegatronBert-1.3B-Similarity : 2021 £4£% Tl FewCLUE f{] ZeroCLUE {4+ 3¢ BERT, 7£
G BT 55 100 S5 I AR
7.3.2 TiE3ER Performance

| Model | BQ | BUSTM | AFQMC | | :-------- R e IR : | | Erlangshen-Roberta-110M-Similarity | 85.41 |
95.18181.72 I | Erlangshen-Roberta-330M-Similarity | 86.21 199.29 193.89 Il Erlangshen-MegatronBert-1.3B-Similarity
186.311-1-1

7.3.3 {#f Usage

from transformers import BertForSequenceClassification
from transformers import BertTokenizer

import torch

tokenizer=BertTokenizer.from_pretrained('IDEA-CCNL/Erlangshen-Roberta-110M-Similarity

BT
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https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://github.com/IDEA-CCNL/Fengshenbang-LM/
https://huggingface.co/IDEA-CCNL/Erlangshen-Roberta-110M-Similarity
https://huggingface.co/IDEA-CCNL/Erlangshen-Roberta-330M-Similarity
https://huggingface.co/IDEA-CCNL/Erlangshen-MegatronBert-1.3B-Similarity

Fengshenbang-LM, A {ThR= 1.0

(# E30)

o)
model=BertForSequenceClassification.from_pretrained('IDEA-CCNL/Erlangshen—-Roberta—
—110M-Similarity")
texta="'4 K W IR A 4F 2
textb="4 K0 [F 4!
output=model (torch.tensor ([tokenizer.encode (texta,textb)]))
print (torch.nn.functional.softmax (output.logits,dim=-1))
7.3.4 5|H Citation
WA TAEP A TIATAEEEL, ATRAS | FHFRATTI 15 5
If you are using the resource for your work, please cite the our paper:
@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and._
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

LT PAG AT 4

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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7.4 xZ%ihEL Sentiment Analysis

TE SCAS K it U G S A M SR 2 [RIAFEAE Y 5% & . Extract specific entities and relationships between entities in
text data.

7.4.1 EFEE Recommended Models

Erlangshen-Ubert-110M-Chinese: >R 45— HEQLALBEZ FRIMEAT 55, AIWIN2022 (78 % %,
1.1 /2.2 %51ty * S UBERT-Base.

Erlangshen-Ubert-330M-Chinese: R4 —FREZALFEZ BT 55, ATWIN2022 (5% 48,
1.1 {25517 3 UBERT-Large.

7.4.2 {EF Usage

Pip install fengshen:

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang—-LM
pip install --editable ./

Run the code:

import argparse

from fengshen import UbertPiplines

total_parser = argparse.ArgumentParser ("TASK NAME")
total_parser = UbertPiplines.piplines_args (total_parser)

args = total_parser.parse_args()

args.pretrained_model_path = "IDEA-CCNL/Erlangshen-Ubert-110M-Chinese"

test_data=[
{
"task_type": "H B E S ",
"subtask_type": "SLKIE F",
"text": "XWURLE L EFER IS, BEAARBRRLAFAFATERNEZELEREK. ",
"choices": [
{"entity_type": "/JRK &L F"},
{"entity_type": "R L B K"}
I
"id": 0}

[CaN)
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https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-110M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-330M-Chinese

Fengshenbang-LM, A {ThR= 1.0

(% L0
model = UbertPiplines (args)
result = model.predict (test_data)
for line in result:
print (line)
7.4.3 5|MA Citation
MR BAE ) TAR P T IRATAOREEL, AT AT FRATARY 185
If you are using the resource for your work, please cite the our paper:
@article{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._
—Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

AT AT | FATR 190

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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Fengshenbang-LM, A {ThR4 1.0

7.5 E{4¥#H Event Extraction

TESCAEE Tl U S B S R A . M. A% . Extract specific event information such as

event, location, person, etc. from text data.

7.5.1 EFEE Recommended Models

Erlangshen-Ubert-110M-Chinese: >R 45— HEQLALBEZ FRIMEAT 55, AIWIN2022 (78 % %,
1.1 /2.2 %51ty * S UBERT-Base.

Erlangshen-Ubert-330M-Chinese: R4 —FREZALFEZ BT 55, ATWIN2022 (5% 48,
1.1 {25517 3 UBERT-Large.

7.5.2 {Ef Usage

Pip install fengshen:

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang—-LM
pip install --editable ./

Run the code:

import argparse

from fengshen import UbertPiplines

total_parser argparse.ArgumentParser ("TASK NAME")

total_parser

UbertPiplines.piplines_args (total_parser)

args = total_parser.parse_args()

args.pretrained_model_path = "IDEA-CCNL/Erlangshen-Ubert-110M-Chinese"

test_data=[
{
"task_type": "H B E S ",
"subtask_type": "SLKIE F",
"text": "XWURLE L EFER IS, BEAARBRRLAFAFATERNEZELEREK. ",
"choices": [
{"entity_type": "/ & F"},
{"entity_type": "R L B K"}
I
"idv: 0}

[CaN)
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https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-110M-Chinese
https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-330M-Chinese

Fengshenbang-LM, A {ThR= 1.0

(% L0
model = UbertPiplines (args)
result = model.predict (test_data)
for line in result:
print (line)
7.5.3 5| Citation
MR BAE ) TAR P T IRATAOREEL, AT AT FRATARY 185
If you are using the resource for your work, please cite the our paper:
@article{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._
—Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

AT AT | FATR 190

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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Fengshenbang-LM, A {ThR4 1.0

7.6 FiEXE#E Reading Comprehension

b4 58 SCA B N 2 A TR AN 23 B I 0] 2542 s A9 1) 8. Understand and analyze the content of specified text data

and answer the questions.

7.6.1 EFEEI Recommended Models

Erlangshen-Ubert-110M-Chinese: >R 45— HEQLALBEZ FRIMEAT 55, AIWIN2022 (78 % %,
1.1 /2.2 %51ty * S UBERT-Base.

Erlangshen-Ubert-330M-Chinese: R4 —FREZALFEZ BT 55, ATWIN2022 (5% 48,
1.1 {25517 3 UBERT-Large.

7.6.2 {Ef Usage

Pip install fengshen:

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang—-LM
pip install --editable ./

Run the code:

import argparse

from fengshen import UbertPiplines

total_parser = argparse.ArgumentParser ("TASK NAME")
total_parser = UbertPiplines.piplines_args (total_parser)

args = total_parser.parse_args()

args.pretrained_model_path = "IDEA-CCNL/Erlangshen-Ubert-110M-Chinese"

test_data=[
{
"task_type": "H B E S ",
"subtask_type": "SLKIE F",
"text": "XWURLE L EFER IS, BEAARBRRLAFAFATERNEZELEREK. ",
"choices": [
{"entity_type": "/JRK &L F"},
{"entity_type": "R L B K"}
I
"id": 0}

[CaN)

158 Chapter 7. =R H
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Fengshenbang-LM, A {ThR= 1.0

(% L0
model = UbertPiplines (args)
result = model.predict (test_data)
for line in result:
print (line)
7.6.3 5| Citation
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If you are using the resource for your work, please cite the our paper:
@article{fengshenbang,
author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.

—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
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—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive._
—Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

AT AT | FATR 190

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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Fengshenbang-LM, A {ThR4 1.0

7.7 3£{FiH %I Named-entity recognition

MOCAREARFFREUN 4 . #4252 884 . Obtain entity data such as person name, place name, etc. from text data.

7.71 EFEE Recommended Models

Erlangshen-Ubert-110M-Chinese: R F 45— HESEAL B2 Pl LT 55, ATWIN2022 1958 %5 7 5%,
1.1 /&% &1 b UBERT-Base.

Erlangshen-Ubert-330M-Chinese: R4 —RYHESL AL BRZ R BT 45, AIWIN2022 fYTE % £,
1.1 {ZB¥ 8y 3¢ UBERT-Large.

7.7.2 {#f Usage

Pip install fengshen:

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git
cd Fengshenbang-LM
pip install --editable ./

Run the code:

import argparse

from fengshen import UbertPiplines

total_parser = argparse.ArgumentParser ("TASK NAME")

total_parser = UbertPiplines.piplines_args (total_parser)

args = total_parser.parse_args ()
args.pretrained_model_path = "IDEA-CCNL/Erlangshen-Ubert-110M-Chinese"
test_data=[

{
"task_type": " B S,

"subtask_type": "L {KiE H|",
"text": "XWURLZ L ETFER IS, BAARBRRLAFAFATERNEZELKK. ",
"choices": [
{"entity_type": "/JNRK & F"},
{"entity_type": "HK LB F"}
I
"idv: 0}

(AN
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https://huggingface.co/IDEA-CCNL/Erlangshen-Ubert-110M-Chinese
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Fengshenbang-LM, A {ThR= 1.0

(CCANY)
model = UbertPiplines (args)
result = model.predict (test_data)
for line in result:
print (line)
7.7.3 5| A Citation
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If you are using the resource for your work, please cite the our paper:
@article{fengshenbang,
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journal = {CoRR},
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You can also cite our website:

@misc{Fengshenbang-LM,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

7.8 XXX E R Text-to-Image Generation

FR i SCAS A IR B A ¢ 8115 . Create relevant images based on the given text.
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7.8.1 EFEEI Recommended Models
Taiyi-Stable-Diffusion-1B-Chinese-v0.1: 15 FFi§ %) H 3¢ Stable Diffusion #8574 | BT 0.2 {255k
A HR S P SR 2

Taiyi-Stable-Diffusion-1B-Chinese-EN-v0.1: 77 B H 92 X% Stable Diffusion #5571, HF 0.2
& s enioky LB eayl o

Taiyi-Diffusion-532M-Nature-Chinese: fiKatherine Crowson’sff) o2 {43 U RIAE 1k+ B UK &R
A 2k K5 B _F AR T . 45 & IDEA-CCNL/Taiyi-CLIP-Roberta-large-326M-Chinese 1] DA SZ 8i 1 3¢
Guided Diffusion 4= i 5=

Taiyi-Diffusion-532M-Cyberpunk-Chinese: HjKatherine Crowson’sf{ Jo 4549 SR RIYE 1k+ 542
Y FE TR v KU R _E A0 T % . 45 TDEA-CCNL/Taiyi-CLIP-Roberta-large-326M-Chinese ] PASZ B,
71 Guided Diffusion ¥4 il 5 70,

7.8.2 {E Usage
Stable-Diffusion

£1&E Full precision

from diffusers import StableDiffusionPipeline

pipe = StableDiffusionPipeline.from_pretrained ("IDEA-CCNL/Taiyi-Stable-Diffusion-1B-

—Chinese-v0.1") .to("cuda")

prompt = 'KWmEHE T =T R, HE"
image = pipe (prompt, guidance_scale=7.5) .images[0]

image.save (" K ji .png")

3 4¥5 % Half precision FP16 (CUDA)

Sl torch_dtype=torch.floatl16 fil device_map="auto" AJ PALLE 2L FP16 AT, PANIMLHEHE
WE, 25 E I the optimization docs

# !pip install git+https://github.com/huggingface/accelerate

import torch

from diffusers import StableDiffusionPipeline

torch.backends.cudnn.benchmark = True

pipe = StableDiffusionPipeline.from_pretrained ("IDEA-CCNL/Taiyi-Stable-Diffusion-1B-
—Chinese-v0.1", torch_dtype=torch.floatl6)

pipe.to('cuda')

(AN

~
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https://huggingface.co/docs/diffusers/main/en/optimization/fp16#half-precision-weights

Fengshenbang-LM, A {ThR= 1.0

(€AY

prompt = 'KHE AT =T R, #HE"
image = pipe (prompt, guidance_scale=7.5) .images[0]

image.save (" KT .png")

Diffusion

7RI https:/github.com/IDEA-CCNL/Fengshenbang-LM/tree/main/fengshen/examples/disco_project

7.8.3 & 7=l Example

Taiyi-Stable-Diffusion-1B-Chinese-v0. 1 Taiyi-Stable-Diffusion- 1B-Chinese-EN-v0.1Taiyi-Diffusion-532M-Nature-
ChineseTaiyi-Diffusion-532M-Cyberpunk-Chinese

7.8.4 5|H Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—~Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}

AT AT | FATT R 190 -

You can also cite our website:

@misc{Fengshenbang-1LM,
title={Fengshenbang-1LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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7.9 Efyia)Z Medical Question Answering

T By 7 ) 2% Finetune 58 1 #1725 (Closed-book QA ) 1145, Complete Closed-book QA tasks by fine-tuning
on Medical Q&A pairs.

7.9.1 EFEE Recommended Models

YuyuanQA-GPT2-3.5B: FHT ALY 7 MEAESS, BESFausizy, 30y GPT2,

7.9.2 TR Performance
FATIEL T AR WAL Y 100 45 QA XF EAYZRIL:
We tested the model on 100 unseen QA pairs:

7.9.3 {#f Usage

EE Tt Download Address

Huggingface Hiihik: YuyuanQA-GPT2-3.5B

Ingk{EE Loading Models

from transformers import GPT2Tokenizer, GPT2LMHeadModel

hf_model_path = 'YuyuanQA-GPT2-3.5B'

tokenizer = GPT2Tokenizer.from_pretrained (hf_model_path)

model = GPT2LMHeadModel.from_pretrained (hf_model_path)

{Ef7~%| Usage Examples

fquestion = "What should gout patients pay attention to in diet?"

inputs = tokenizer (f'Question: {question} answer:',return_tensors='pt")

generation_output = model.generate (**inputs,
return_dict_in_generate=True,
output_scores=True,
max_length=150,

# max_new_tokens=80,

ZET )
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(€AY

do_sample=True,
top_p = 0.6,
eos_token_id=50256,
pad_token_id=0,

num_return_sequences = 5)

for idx, sentence in enumerate (generation_output.sequences) :
print ('next sentence :\n'%idx,
tokenizer.decode (sentence) .split ('<|endoftext|[>")[0])

print ("*'*40)

EZ g Answering the Questions

¥ H 2 f Haggingface 5% 3 pytorch-lightning #E221F ] . H1F7F finetune (YR, AT prompt, ¥ [}
i, W ANZZ: "Question:your question about medical? answer:”, EEEBITIELE PASLE R )T
A ERE @, huggingface B H AL T AS 5 R T AR -

from transformers import GPT2Tokenizer, GPT2LMHeadModel

model_path = 'pretrained model_hf/yuyuanQA-vl1' # input your own model file path
model = GPT2LMHeadModel.from_pretrained(model_path)

tokenizer = GPT2Tokenizer.from_pretrained (model_path)

model = model.cuda(6) # move your model to the GPU

model.eval () # just do predict

def answering(question):
# question = "What should gout patients pay attention to in diet?"
inputs = tokenizer (f'Question:{question/ answer:',return_tensors='pt').input_ids.

—to(model.device)

generation_output = model.generate (input_ids = inputs,
return_dict_in_generate=True,
output_scores=True,
max_length=150,
# max_new_tokens=80,
do_sample=True,
top_p = 0.9,
eos_token_id=50256,
pad_token_id=0,
num_return_sequences = 5)

answers = []

for idx,sentence in enumerate (generation_output.sequences) :

next_sentence = tokenizer.decode (sentence) .split ('<|endoftext|>")[0]
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(% L0

answer = next_sentence.split (sep='answer:',maxsplit=1)[1]
answers.append (answer)
return answers

answering ('your question?')

7.9.4 ;&;x Demo

ES NN i O g VS N I S PTN  7 SNE S A N BES S € /Ol DA T S RN A S PN SN
We made a demo of medical QA system with this model. In the future, we will make this product into a wechat app to

meet you.
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Demo for MedicalQA

AR RAYE]RE:

BREEEIREFNIZERMA?
R’

{REYVIERERZ : What should gout patients pay attention to in their diet?

fREEZE M :

P IRREWFSEYROYER, REFRERSERZSHEN. RRES RS BN KRR,
MRPSKFENERRESEEN . FZEYPESESEARNW, IMRELESTEN.

. Adietlow in purines, which are substances found in many foods, can cause gout.Purines are
broken down to uric acid in the kidneys, and high levels of uric acid in the blood can cause gout.A

diet high in protein and sodium, which are found in many foods, can also cause gout.
fREmE 2 :

FX: BREENRERGIRRIEBAN, RREFETEE. NENEESE|RYP. HSEIRE
BMPNIRRE, MRPRRIRFR, TEHEERETZEHNERT. RRUNRTERS
&, LeAEXTHRAR.

X Gout patients should try to limit their intake of purines, which are found in foods such as
seafood, shellfish, and beer.Purines can build up in the blood when the body breaks down purines
that are found in food, especially if the diet is not controlled.Purines can also build up in the joints if

they cannot be broken down.
{REmEF 3] :
B BXEENREIM (F) BN, WEETENFZSNIERP. A, —ENIgs

HIMESERS, IER/MIAX. BERAE. MM RN —LEKG, BXEERREBR
A, FENMIEEPHIHE. FENTIERSHERS.
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7.9.5 5|H Citation

AR EAE R TAE R G T RATHIRIRY, aT AT FRATHY 1L

If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—~Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.

—Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.
—~Intelligence},

journal = {CoRR},

volume = {abs/2209.02970},

year = {2022}

HLRT AT AT 4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-1M},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},

7.10 & X 245& Semantic Denoising

XSO AR RS LRI T AR, R R ] IE AR 2 MU L. Correct errors in wording,

punctuation, grammar and many other types of problems in the text, and return correct corrections to the target.

7.10.1 #EFEZEI Recommended Models

Randeng-Transformer-1.1B-Denoise : PAEYE A4 AT 45 48008 B AR A S Transformer-XL,
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7.10.2 {#f Usage

INEIER Loading Models

git clone https://github.com/IDEA-CCNL/Fengshenbang-LM.git

from fengshen.models.transfo_xl_denoise.tokenization_transfo_xl_denoise import.
—TransfoXLDenoiseTokenizer
from fengshen.models.transfo_xl_denoise.modeling transfo_xl_denoise import.

—TransfoXLDenoiseModel

tokenizer = TransfoXLDenoiseTokenizer.from_pretrained('IDEA-CCNL/Randeng-Transformer—
—1.1B-Denoise')
model = TransfoXLDenoiseModel.from_pretrained('IDEA-CCNL/Randeng-Transformer-1.1B—

—Denoise')

{# Rl Usage Examples

from fengshen.models.transfo_xl_denoise.generate import denoise_generate
input_text = "N EHA KB A, HBREFAHAFEF BT H"

res = denoise_generate (model, tokenizer, input_text)

print (res)

FTHBRBRMARRE RS FECHES. "

7.10.3 5|/ Citation
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If you are using the resource for your work, please cite the our paper:

@article{fengshenbang,

author = {Junjie Wang and Yuxiang Zhang and Lin Zhang and Ping Yang and Xinyu.
—Gao and Ziwei Wu and Xiaoqun Dong and Junging He and Jianheng Zhuo and Qi Yang and.
—Yongfeng Huang and Xiayu Li and Yanghan Wu and Junyu Lu and Xinyu Zhu and Weifeng.
—~Chen and Ting Han and Kunhao Pan and Rui Wang and Hao Wang and Xiaojun Wu and.
—~Zhongshen Zeng and Chongpei Chen and Ruyi Gan and Jiaxing Zhang},

title = {Fengshenbang 1.0: Being the Foundation of Chinese Cognitive.

—~Intelligence},

journal = {CoRR},
volume = {abs/2209.02970},
year = {2022}
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AT DAG | FATE (4

You can also cite our website:

@misc{Fengshenbang-1M,
title={Fengshenbang-LM},
author={IDEA-CCNL},
year={2021},
howpublished={\url{https://github.com/IDEA-CCNL/Fengshenbang-LM}},
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CHAPTER 8

HHEETIR

8.1 AFQMC 15l £rmfiE LA E

RSN Z https://www.cluebenchmarks.com/introduce.html

8.2 LSCTC U AHE

BN 4 hitps://chinesenlp.xyz/zh/docs/text_summarization.html

8.3 NLI RiZEfESE

BRI

8.4 Sentiment | ITSE

BRI
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8.5 Similarity XAHES

BRI

8.6 WuDao_180G (EiEHEFIIZ4EHIEE

AR https://www.sciencedirect.com/science/article/pii/S2666651021000152

AR F BRI o A B, T A ST SR BRI e, A SR AR T e
RFFVE, FATHRAE— 50 £l DEMO DA I35 T A8kt 46 i 45 1 DA S gkt AL B8, Ay 1 e J5 2820
TEit.

DEMO ##E#£ 20 0] PLAE  [github](https:/github.com/IDEA-CCNL/fs_datasets/blob/master/raw_data/demo_data.
jsonl) .
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CHAPTER 9

9.1 SHER

9.1.1 &4} Brief Introduction

HEZE i — S B SR SR

9.1.2 HiEHEXSH

UniversalDataModule

ZA I 38 F %) DataModule, 3% T fs_datasets TSRS, S0 B0 AL 32 48 58 1 — A~ sR U A 1
datasets, ] BEL32%(# ] i%Z DataModule, datamodule.datasets ‘&— > dict, ZEHIZE{PIT

{
"train":datasets,
"validation":datasets,

"test":datasets

« num_workers:fs_datasets I 25 HERESEL, ATDARHE CPU (3 H Bl ®

* dataloader_workers:dataloader AbH A FEFEEL, XANECEEH 2-4 SLENS T, FCE SR m & 580k
PR R PRARES 2 RAERY RS L
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train_batchsize: i)l|Z: batchsize
val_batchsize: I&3IF batchsize
test_batchsize: il i batchsize

datasets_name:fs_datasets [ 44 7, TR AE AW NR S8 EdE, 5208 P BR1EE datamod-

ule.datasets=xxxxx
train_datasets_field:self.datasets W Il Z4E BT XTI ) key

val_datasets_field:self.datasets F1I5{IF 82 T %f B 1) key (G val B e S BUT test 42, DA E Tix =4
SRR

test_datasets_field:self.datasets Hilljiz{4E BT % W ) key

sampler_type: FHHIHESL i {1 sampler, T R KEHRLE

9.1.3 REHEXSH

add_module_args i@ fERIS %

A RECE R BLE TR BRAPE R T R SR

learning_rate: 2% 3] %

weight_decay: F1 T 75 ),

warmup_ratio: %> % warmup i, HLATGER 0.1, SPHCZ 100, WHT 10 252 warmup 25K,
TR

warmup_steps: 2% >) 3 warmup £5(, 5EZ KT warmup_ratio

adam_betal:adam Z:%§

adam_beta2:adam Z:%§

adam_epsilon:adam Z:4§

model_path: 57 & 1%

scheduler_type: 37 £ f scheduler, 135 [linear’, ’cosine’, ’cosine_with_restarts’, polynomial’, ’constant’, ’con-

stant_with_warmup’]
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9.1.4 IZHEXSH

Lightning Trainer

Lightning Trainer 4 7] PAS% R4 Doc
X HLA 25— L8 LR A
» max_epochs: 1% E & 3L epoch %%
« max_steps: % & AL steps £, FE max_epochs #15€
* gpus: HLEAY gpu Fo
* num_nodes: 255
* strategy: 731N, B MY LLAN ddp, deepspeed_zero_stage_1, Ay S(H5H A PAZ% lightning SCHY
« gradient_clip_val: £ & £ 5
« check_val_every_n_epoch: £ /D4~ epoch J5fi{—X validation

« val_check_interval: i epoch PYfi{ validation FJ5i3%, 152 float M2 LB, AR E int B2 steps
B

* precision: fEADK;
* default_root_dir: i% & H G H

H T AER S B RAEAL, S5 R ARSI A R T, FATIRIEFFIE T FengShen(Et i) HESE
12 T HuggingFace, Megatron-LM, Pytorch-Lightning, DeepSpeed -4 M FFIRHESE , 454 NLP 40l o4
S5, DA Pytorch S EERHHEZE . Pytorch-Lightning “A Pipeline B #1411 T FengShen. FengShen 1] DA i 7E 5 T
HEE (TB 550 B RBAL (A A2 350 Bl R oA & B R AT 55 o, APl DAE A e i
AR EH AT o0 IR BAFIBOR, MR BB SL AN G Hr . [7]Hf FengShen A B #2111
HuggingFace WAL HEATAREE ISR, Oy (8 ] P AT AR AL TE RS . FengShen ST % £ IR AL 2L AN
BRI AT, PRt e . B IRACRSFR B FE BRI GRA AT, A TR S AW AL FengShen
HESE, WOHIIRE.
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